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Abstract 
This study examines the association between parental separations during childhood and 
economic wealth of adult children later in life, contributing to a better understanding of 
inequalities resulting from early-life conditions in families of origin. We use data from the 
Household, Income and Labour Dynamics in Australia (HILDA, N=7,066 individuals) Sur-
vey. We estimate random-effects growth curve models after matching to predict wealth over 
individuals’ life courses. We find that parental separation is associated with substantially less 
net wealth for adult children. The negative association is limited to adult children who 
experienced parental divorce before age 15. The association of parental separation with adult 
children’s wealth changes little over children’s life courses. The most likely pathway through 
which parental separation influences adult children’s wealth is through the partnership and 
childbearing choices made by adult children who experienced parental separation. 
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Introduction 
Separation of married and cohabiting couples is widespread.1 In Australia, the country 
on which this study focuses, divorce rates are historically high (though decreasing) at 2.1 
divorces per 1,000 people in 2013 (Australian Bureau of Statistics 2014). It is anticipated that 
about one third of marriages commenced in the early 2000s in Australia will end in divorce 
(Jain 2007). Cohabitations are even less stable (Weston and Qu 2013). At least one child was 
involved in about half of all divorces in Australia in 2013 (Australian Bureau of Statistics 
2014). Divorce has been shown to have substantial consequences not only for both partners, 
but also for children at the time of separation and throughout their lives as adolescents and 
adults (Amato and Anthony 2014; McLanahan, Tach and Schneider 2013). Understanding the 
relationships between disrupted families of origin during childhood and adult children’s life 
chances is a central concern for those interested in social inequalities. As separation is more 
likely among the less advantaged (Hewitt, Baxter and Western 2005), potentially negative, 
intergenerational effects of parental separation on children may reproduce inequalities 
(Amato and Keith 1991b; Biblarz and Raftery 1999; McLanahan and Percheski 2008). 
Despite the long-established and still growing literature on the associations between 
parental separation and parental absence during childhood with children’s later-life outcomes 
(for an overview see McLanahan et al. [2013]), few studies have examined the relationship 
between parental separation and wealth amongst adults who experienced parental separation 
when they were children (e.g. Amato et al. 1991b; Keister 2004). This is a surprising gap in 
the literature as wealth is a central dimension of social stratification shaped by long-term 
biographical experiences (Spilerman 2000). Previous research has shown that parental 
separation is negatively associated with the earning capacities of adult children, negatively 
associated with the economic resources of the parental generation that may be transferred to 
                                                          
1
 We use the term separation to refer to the dissolution of a coresidential union or marriage. We use the term 
divorce to refer explicitly to the legal dissolution of marriages. 
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the filial generation, and positively associated with unstable family structures that may 
impede wealth accumulation (Gruber 2004; Keister 2004). Thus, a negative effect of parental 
separation on adult children’s wealth may be expected, but has not yet been sufficiently 
examined. 
The current study aims to close this gap by examining the following question: Is 
parental separation during childhood related to adult children’s wealth later in life? The study 
additionally examines the temporal dependencies of the relationship between parental 
separation and adult children’s wealth in two ways: First it examines whether the relationship 
of parental separation with adult children’s wealth varies by the timing of parental separation 
during childhood. Second it examines whether the association of parental separation with 
adult children’s wealth varies over children’s life courses. In other words, can adult children 
compensate for their adverse childhood experiences over time? These questions are answered 
using nationally representative data from the Household, Income and Labour Dynamics in 
Australia (HILDA) Survey, a longitudinal survey commencing in 2001 with an initial sample 
of over 7,000 households. The data are analyzed using random-effects growth curve models 
after coarsened exact matching. In doing so, the study contributes to a better understanding of 
inequalities resulting from early-life conditions in families of origin. 
 
Background 
Existing evidence: Parental separation and adult children’s wealth 
Only a few studies have investigated the association between parental separation and 
adult children’s wealth. Amato et al. (1991b) examine a limited measure of net wealth; in this 
case, assets less debts, without considering financial assets and private pension wealth and 
ignoring negative net wealth. They find that among whites in the United States, net wealth is 
about one sixth (women) to one fourth (men) lower if one parent was absent for at least one 
year during childhood. For men, only parental absence due to separation is associated with 
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wealth, while for women parental absence due to being born out of wedlock and other types 
of absence are also negatively associated with wealth. The association for women is not 
statistically significant once respondents’ education and marital status are accounted for as 
mediating variables, while the association for men persists, but is reduced. Among Black and 
Hispanic women, parental absence is also negatively associated with wealth, but not for 
Black and Hispanic men. These results are independent of parental education and 
occupational status. 
Keister (2004), also using data from the United States, shows that net wealth is 
significantly lower for those whose parents were ever separated for a limited sample of adults 
younger than 39 years. Adults who experienced parental separation as a child are less likely 
to own a home and stocks. Adult children with separated parents are also less likely to start 
saving early in their life courses and remain asset poor throughout their lives. These results 
are independent of family income during childhood, parents’ education and adult children’s 
characteristics such as income, family history and education. Controlling for these adult 
children’s characteristics, however, may “explain away” part of the effect of parental 
separation on adult children’s wealth. 
In contrast, no association of parental separation with the number of different assets 
(home, savings account, real estate or rental property, business, recreational vehicle, vacation 
home, stocks or bonds, retirement plans, and second car) that adult children hold in the 
United States is found by Amato and Booth (1991a). It may be argued however that the 
number of different assets is a measure of portfolio composition rather than wealth. Lang and 
Zagorsky (2001) examine the association between the number of years that children co-reside 
with their biological mothers and biological fathers and later-life wealth in the United States. 
The authors find no significant associations once additional covariates such as parental 
education are included, but these measures of parental presence may not sufficiently capture 
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the event of parental separation, which is not comparable to, for instance, parental death as 
we argue below. 
To summarize, previous evidence tentatively points towards a negative association 
between parental separation and adult children’s wealth from studies using data for the 
United States. Further examination of this association is necessary, however, as (i) previous 
studies are limited with regard to their wealth measures and samples, potentially affecting 
their conclusions; (ii) it is unclear whether the association generalizes to contexts outside of 
the United States; (iii) the temporal dependencies of the association regarding the timing of 
parental separation and consequences over adult children’s life courses are unclear; and (iv) 
likely causes of the association between parental separation and adult children’s wealth are 
under-researched. 
Channels from parental separation to adult children’s wealth 
We expect that parental separation may affect adult children’s wealth via three 
channels: reduced educational attainment and earnings, unstable family structures, and 
reduced wealth transfers. The first two channels relate to biographical dependencies within 
individuals’ life courses, where early experiences during childhood that are shaped by family 
background may have long-term effects on adult-life wealth (Keister 2005: 79ff). The general 
argument is that the experience of parental separation affects access to parental resources and 
may create stressors in early life (Amato 1993). In this situation, the acquisition of vital 
resources during childhood, most importantly education, may be hampered. Later in life, this 
initial lack of resources impedes access to other resources such as earnings. The third channel 
focuses on persisting links across generations throughout children’s life courses (Elder 
1994).Wealth transfers, such as inheritances and inter vivos transfers, directly link the 
accumulation of wealth across generations during children’s adult lives (Spilerman 2000). 
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Figure 1 illustrates the potential channels of influence of parental separation on adult 
children’s wealth which are now described in more detail. 
 
-- Figure 1 about here -- 
 
Parental separation, educational attainment and later-life earnings 
The first potential channel from parental separation to filial wealth is via children’s 
educational attainment and earnings. Over the life course, lower educational attainment may 
lead to lower occupational attainment and lower earnings (McLanahan 1985). In turn, lower 
earnings reduce the potential for wealth accumulation (Spilerman 2000). Four 
complementary theories have been proposed that focus on particular aspects of the early life 
experiences of parental separation to explain negative outcomes for children’s educational 
attainment (Biblarz et al. 1999; McLanahan 1985). 
First, the initial acquisition of resources may be affected by parental separation during 
childhood through socialization processes (Biblarz et al. 1999). It has been argued that 
disrupted families provide less consistent parenting and supervision. This may be due to a 
lack of time, resources and parental stress due to partnership conflict. Further, due to the 
absence of one parent, usually the father, important role models for children may be absent in 
the family. Inconsistent parenting and limited role models may stimulate deviant behavior 
and underperformance in school which negatively affect educational attainment. 
Second, separation is often associated with material deprivation for women who are 
typically the primary care providers for their children (Holden and Smock 1991). Single 
mothers face higher risk of material deprivation due to the loss of their partners’ incomes and 
a higher likelihood of unemployment and lower occupational positions compared to their 
former partners. Material deprivation is a major disadvantage for children of separated 
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parents (Biblarz et al. 1999), and may impede educational attainment of children because 
lower incomes restrict the purchase of out-of-school educational services (Lopoo and 
DeLeire 2014). 
Third, from a psychological perspective, children may be affected by mental stress and 
the need for living arrangement adjustments caused by family disruptions. For example, 
parental separation may lead to changes in housing and geographical location, including 
interruptions and changes in schools, which may have adverse effects on children (Astone 
and McLanahan 1994). These psychological strains may affect behavioral and learning 
outcomes and eventually reduce educational attainment (Fomby and Cherlin 2007). 
Fourth, an evolutionary psychology argument suggests that parents and stepparents (as 
well as mothers and fathers) are differently motivated to provide for children leading to 
unequal investments of parental resources. Following this argument, mothers and biological 
parents invest more compared to fathers and stepparents which facilitates educational 
attainment for children in intact families and children living with their biological parents 
(Ginther and Pollak 2004). 
These theoretical arguments suggest that parental separation reduces educational 
attainment and in turn earnings, which may result in less wealth, although the empirical 
evidence from various contexts to date is inconclusive. In general, in simple bivariate 
analyses, negative associations of parental separation with educational attainment and 
earnings are found. With more rigorous analytic methods these associations are greatly 
reduced and sometimes become statistically insignificant (Biblarz et al. 1999; Björklund, 
Ginther and Sundström 2007; Corak 2001; Ermisch and Francesconi 2001; Francesconi, 
Jenkins and Siedler 2010; Kim 2011; Lopoo et al. 2014). 
 7 
 
Parental separation and partnership choices and childbearing in the filial generation 
A second channel links parental separation to filial wealth via the choices adult children 
make in their partnerships and regarding their childbearing. Empirical evidence shows that 
partnership and fertility histories are closely associated with the accumulation of wealth. 
Stable partnerships are associated with more wealth for individuals and especially those 
continuously married have been found to be wealthier than single persons or non-married 
couples (Wilmoth and Koso 2002). Separation, in contrast, has been found to be negatively 
associated with wealth, especially for women (Wilmoth et al. 2002). Furthermore, early 
childbearing and out-of-wedlock births are negatively related to parents’ wealth (Dew and 
Eggebeen 2010; Vespa and Painter 2011). 
At the same time, previous literature indicates that the partnership and fertility histories 
of individuals are associated with separations in the parental generation. Overall, the 
association of parental separation with demographic outcomes seems to be stronger than its 
correlation with status attainment (Corak 2001). For example, one of the most robust findings 
in the literature on divorce is that the risk of divorce is transmitted across generations (Amato 
and Cheadle 2005). Several theoretical arguments have been proposed for this correlation, 
which are similar to the arguments linking parental divorce and educational attainment 
described above. First, the socialization perspective suggests that children acquire attitudes 
towards marriage and divorce and problematic conflict solving strategies from their parents 
(Amato 1996). Children with divorced parents may, therefore, acquire attitudes and 
behavioral strategies that negatively affect their marital stability later in life. Empirical 
evidence suggests that this mechanism is the most likely explanation of the inheritance of 
divorce (Diekmann and Engelhardt 1999). Second, the material deprivation perspective states 
that children are pushed to leave the parental home early due to a lack of economic resources 
in the post-divorce family. As a consequence, adult children with divorced parents enter 
partnerships and marriages earlier than those without divorced parents (McLanahan et al. 
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2008). A young age at marriage is highly predictive of divorce (Lyngstad and Jalovaara 
2010). Third, similar to the deprivation perspective, the stress perspective states that parental 
conflict before and during divorce pushes children to fulfill adult roles prematurely and to 
leave their parental homes early (Diekmann et al. 1999). Thus, adult children with divorced 
parents may be negatively affected by divorce due to the intergenerational transmission of 
divorce risks. 
In addition, those who experienced parental divorce are less likely to marry in the first 
place (Erola, Härkönen and Dronkers 2012). Adult children who have experienced parental 
divorce are more likely to have children early and to give birth out of wedlock (Cherlin, 
Kiernan and Chase-Lansdale 1995; McLanahan and Bumpass 1988). Children who 
experienced parental divorce are less likely to marry highly educated partners (Erola et al. 
2012). Children of divorced parents are also more likely to marry other children of divorced 
parents, so that disadvantages cumulate in these marriages (Wolfinger 2003). All of these 
factors may additionally impede wealth accumulation for children of separated parents 
compared to children from intact families during their adult lives. 
Parental separation and intergenerational transfers 
Intergenerational monetary transfers such as inheritances and inter vivos transfers are a 
major source of wealth accumulation (Gale and Scholz 1994). It has been estimated that these 
transfers may contribute between 20 (Modigliani 1988) and 80 percent (Kotlikoff and 
Summers 1981) – depending on the operationalization of transfers – to households’ wealth 
(Spilerman 2000). Separation may reduce wealth in the parental generation and in the filial 
generation due to the financial costs of divorce (Wilmoth et al. 2002). Thus, it may be 
expected that parental separation has a negative effect on the economic resources that parents 
transfer to their adult children (Furstenberg, Hoffman and Shrestha 1995; Shapiro and 
Cooney 2007). This reduction in intergenerational wealth transfers may be additionally 
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driven by a weakening of social bonds between the parental and filial generations after 
parental divorce (Clark and Kenney 2010). Weaker social bonds may decrease the chances 
for financial support across generations. Weaker bonds may also inhibit financial advice and 
other information flows from parents to their children. 
Some evidence from the United States shows that after parental divorce, adult children 
indeed receive fewer monetary transfers from their parents and particularly for paternal 
transfers as opposed to maternal transfers (Furstenberg et al. 1995). This negative association 
of parental divorce with transfers is mainly observed for divorces that occur early in 
children’s lives (Furstenberg et al. 1995). No significant association, however, of parental 
divorce with financial transfers is found in the United Kingdom (Grundy 2005). Adult 
children with parents who were separated when the children were age 14 are less likely to 
have received a trust account in the past compared to children from intact families (Keister 
2003). However, they are not less likely to have received an inheritance in the United States 
(Keister 2003). 
On the other hand, intergenerational inter vivos transfers may also be positively 
affected by divorce in the filial generation. Parents may transfer resources to their separated 
children to support them financially during post-divorce hardship (Ploeg et al. 2004). In line 
with this argument, previous research shows that in the year immediately after a divorce, 
adult children have a higher chance of receiving financial transfers from their parents in 
Germany (Leopold and Schneider 2011). These intergenerational transfers may partly 
compensate for the negative consequences of divorce on wealth. 
Note that intergenerational transfers may be reduced through parental separation, but 
not necessarily through other types of parental absence. For instance, having experienced the 
death of a parent during early childhood may result in an (initial) wealth advantage for 
children if they inherit wealth. We would also expect parental separation to generally result in 
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more adverse outcomes than parental death because private and public support for bereaved 
children is often stronger than for children of separated parents (McLanahan et al. 2013). 
Temporal dependencies: Timing of parental separation and consequences over adult 
children’s life courses 
The literature suggests temporal dependencies in the effects of parental separation on 
filial wealth both in terms of the timing of the parental separation in children’s lives and to 
the potentially time-variant impact of parental separation during adult children’s life courses. 
Theoretical arguments regarding the effects of different timings of parental separation on 
children’s outcomes point in two directions (Cavanagh and Huston 2008). On the one hand, 
experience of parental separation during early childhood may have especially adverse effects 
(Ermisch et al. 2001), as fundamental emotional, personal and social developments occur 
during this time and children may be particularly sensitive to parental stress and conflict. 
Material deprivation during these early years may also be particularly harmful (Duncan et al. 
1998; Heckman 2006). On the other hand, experience of parental separation during middle 
childhood may be more adverse, as during this time children form critical social 
competences, such as control of aggression (Cavanagh et al. 2008). Additionally, earlier 
experience of parental separation in children’s lives can be expected to be associated with 
overall greater experience of family instability and hence a longer period for effects to 
accumulate (Cavanagh et al. 2008). Repeated instability in the family may be associated with 
more stress than singular disruption of families with some research showing that the number 
of family transitions is adversely associated with child outcomes such as delinquent behavior 
among whites in the United States (Fomby et al. 2007). 
Nevertheless, empirical studies provide little evidence of timing-specific effects of 
parental separation. Comparing parental divorces occurring between ages 7 to 11 versus ages 
11 to 16, Cherlin et al. (1995) find no differences in the association of parental divorce with 
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demographic outcomes such as out-of-wedlock births. McLanahan et al. (1988) also report no 
significant differences in the timing of parental divorce on adult children’s demographic 
outcomes. However, the experience of family disruption during early childhood seems to be 
more consequential for behavioral outcomes than the experience in middle childhood 
(Cavanagh et al. 2008). Furthermore, parents may separate during children’s adult lives. The 
consequences of such late parental separations may be weaker for adult children’s outcomes 
as children may already be living independently, may be less subject to the stress and 
instability associated with parental separation compared to when they were younger and may 
more easily access alternative resources, such as emotional support from their social 
networks (Shapiro et al. 2007). 
In relation to the time-variant impact of parental separation during children’s life 
courses, two opposing expectations can be formulated: On the one hand, it may be expected 
that initial disadvantages of children with separated parents level out over time as children 
adjust to their new situation, gradually overcome stressors and gain access to non-parental 
resources. For example, remarriage of parents may improve children’s situations (Amato 
1993).2 On the other hand, inequalities may widen over time if children with separated 
parents experience cumulative effects as initial disadvantages additionally hamper access to 
resources (DiPrete and Eirich 2006). In addition, wealth disadvantages for adult children with 
separated parents may manifest early in their life courses and persist throughout children’s 
adult lives. 
In accordance with the last expectation, in a review of the evidence Amato (1993) 
concludes that there is only convincing evidence for an immediate positive adjustment in 
children’s wellbeing one or two years after parental divorce and then there is a remaining 
difference between children from intact and divorced families that persists over time. Thus, 
                                                          
2
 However, remarriage itself may be a stressful event for children and stepfamilies do not necessarily provide a 
better environment (Amato 1993; Ginther and Pollak 2004). 
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the effects of parental separation may extend well into adulthood. For example, mental 
wellbeing at age 33 is negatively related to parental divorce between ages 7 to 22 (Cherlin, 
Chase-Lansdale and McRae 1998). Well-being seems to be lower at age 33 than at age 22 for 
those who experienced a parental divorce between ages 7 to 22 (Cherlin et al. 1998). If 
empirical studies find negative associations of parental separation with earnings and 
wellbeing at all, these studies often point towards persistent, negative associations during 
adulthood. However, this evidence is often based on samples including older respondents 
without explicitly testing for time-variant associations (Biblarz et al. 1999; Lopoo et al. 2014; 
McLanahan 1985). 
The Australian context 
Previous literature on the association between parental separation and adult children’s 
wealth is almost exclusively from the United States, a country where rates of marriage and 
divorce surpass most other countries and levels of welfare support are arguably weaker than 
in most other western countries (Cherlin 2009; Kalil, Haskins and Chesters 2012). The 
Australian Family Law Act 1975 introduced no-fault divorce legislation and greatly reduced 
the cost associated with obtaining a divorce. Prior to this, divorce in Australia was extremely 
rare. The crude rate rose to 4.6 divorces per 1,000 in 1976 following the new legislation, but 
since then has fallen to 2.1 in 2013 (United States: 3.4 in 2009 [U.S. Census Bureau 2012]). 
About half of all divorces in Australia involve children under the age of 18 (Australian 
Bureau of Statistics 2013, 2014). These figures however, do not reflect separations of 
cohabiting partners, which are known to be more unstable than marriages (Weston et al. 
2013). Cohabitation rates have steadily increased in Australia since the mid-1970s with about 
15 percent of couples living in cohabiting non-marital relationships in 2013, up from about 
11 percent in the mid-2000s (Australian Bureau of Statistics 2012). 
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In contrast to the United States, Australia’s welfare support for children and families is 
historically relatively generous. Although children growing up in one parent families in 
Australia are at greater risk of poverty than children in couple families (Philips, Miranti, 
Vidyattama and Cassells 2013), single parents are eligible for a range of cash payments and 
transfers including parenting payments, tax concessions, childcare benefits and assistance 
with schooling costs (Kalil, Haskins and Chesters 2012).The Child Support Scheme, first 
introduced in 1988 with major reforms in 2006, was designed to ensure that non-resident 
parents (usually fathers) provided financial support for their children and that parents shared 
the care of children post-separation. Although there have been criticisms of the scheme, and 
evaluations of the outcomes in terms of reducing child poverty and encouraging shared 
parental care have been mixed, the legislation has nevertheless focused attention on the need 
for policies that shield children from the impacts of parental separation (Summerfield, 
Young, Harman and Flatau 2010). 
The Australian Family Law Act currently specifies that upon divorce each spouse will 
retain ownership of their individual property and assets (Sheehan 2002). But the reality is 
more complex with judges given power to adjust their rulings in accordance with the 
specifics of each case, including, for instance, the current and future financial needs of the 
partners. About one third of divorce cases are settled out of court suggesting even wider 
variations in the division of property and assets after divorce (Sheehan 2002). Earlier 
Australian research suggests that in most cases, divorcing men receive the majority of non-
domestic assets (businesses, superannuation, investments) while divorcing women typically 
receive the majority of domestic assets (e.g. the family home and most of its contents) 
(McDonald 1986; Funder, Harrison and Weston 1993). More recent research in the early 
2000s indicates that despite considerable social, demographic and legal changes in Australia, 
little has changed in terms of the broad outcomes of property settlements following divorce 
(Sheehan 2002). Overall, Despite attempts by the Australian Family Law Court, the Child 
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Support Scheme and other social policies designed to support families experiencing divorce, 
the financial risks associated with divorce still weigh more heavily on some groups than 
others, including women, those with custody of children, and the financially disadvantaged, 
but financial risks for this disadvantaged groups are less severe than in the United States. 
The current study 
The current study advances previous research on the long-term association between 
parental separations during childhood with adult children’s wealth to achieve four goals. 
First, the hypothesis that adult children’s wealth is lower if they experienced a parental 
separation during childhood compared to adult children from intact families is tested. To do 
this we use a more comprehensive measure of net wealth combined with a less restricted 
sample and provide more robust estimations of the association between parental separation 
and adult children’s wealth than available in previous studies. Our study also adds evidence 
from a different institutional context than the United States, a country which may be seen as 
an outlier in terms of relationship trends and welfare policies supporting children and 
families. Second, our analyses test whether early parental separation during childhood has a 
stronger negative association with adult children’s wealth than later parental separation 
during mid-childhood and in young adulthood. This allows examination of the heterogeneity 
in separation experiences of children and may provide additional insights into the channels 
linking parental separation and adult children’s wealth. Third, we test whether adult children 
from disrupted families compensate initial disadvantages or whether their disadvantages 
persist throughout their life courses reducing their wealth continuously in the long term. This 
provides insights into whether children with separated parents can catch up regarding specific 
outcomes at some point in their lives compared to children from intact families, an issue 
which is still an open empirical question (Kim 2011). As wealth is accumulated over 
extended periods and may be continuously influenced by parents through inter vivos transfers 
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and inheritances, examining wealth for adult children up to age 69 (the upper age limit in the 
current study) as a distal outcome is a highly relevant contribution to the literature on parental 
separation and the intergenerational transfer of disadvantage. Previous literature has mostly 
focused on early life outcomes of parental separation or young adults’ mental wellbeing, 
demographic behavior and income paying less attention to later-life outcomes. Fourth, our 
analyses give attention to the channels that may link parental separation and adult children’s 
wealth (reduced educational attainment and earnings, unstable family structures, and reduced 
wealth transfers). Thereby, a more accurate and substantive description of the association 
between parental separation and adult children’s wealth can be gained than available in 
previous literature. 
Research design and analytic strategy 
Data 
Our data comes from the Household, Income and Labour Dynamics in Australia 
(HILDA) Survey (release 13.0; for details see [Summerfield et al. 2014]). The HILDA 
Survey is a household panel study that commenced in 2001 in which all household members 
aged 15 and over are interviewed annually through face-to-face and self-completion 
questionnaires. The survey focuses on economic and subjective well-being, labor market 
dynamics and family dynamics with rotating, supplementary questions. In 2002, 2006 and 
2010 detailed household wealth information was collected. Respondents’ family situation 
during their childhood and for those who experienced parental separation, respondents’ age at 
which their parents separated, is also recorded, which makes the data particularly useful for 
the current study. 
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Wealth variables are carefully imputed in the HILDA data by the survey team (for 
details see Hayes and Watson [2009]).3 Only a single set of imputed values is provided, 
which we use in our analysis to maximize sample size, suggesting that standard errors may be 
underestimated as the uncertainty inherent to the data imputation process cannot be accounted 
for sufficiently. Therefore, we replicate all analyses with listwise deletion of missing values, 
which provides more conservative estimates of standard errors (see Appendix A, A.1-A.3). 
Results for point estimates and significance tests including imputed data were similar to 
results after listwise deletion, if not otherwise stated, which suggests that our main results are 
robust across different treatments of missing values. 
Analytic sample 
Our analytic sample is restricted to all respondents aged 20 to 69 (inclusive) 
interviewed at least once in 2002, 2006 and 2010. Our outcome of interest, wealth, is 
measured at the household level. This measurement may be flawed if more than one 
economic unit exists in the household; for example, a group of household members within 
which economic resources are shared and another group in the same household with which 
resources are not shared. Therefore, we only include households of single adults with and 
without children and households with one adult couple with and without children. As our 
response variable does not vary within households, we randomly select only one respondent 
from the older generation in each initially observed household for the analytic sample.4 We 
                                                          
3
 In 2002, in 38.9% of households at least one wealth component was imputed (29.4% in 2006 and 28.4% in 
2010 [Summerfield et al. 2014]). Compared to other large-scale longitudinal surveys, the share of imputed 
wealth in the HILDA Survey is similar to that in the German Socio-Economic Panel Study (2007: 36.7% [Frick, 
Grabka and Marcus 2010]) but somewhat higher than in the Panel Study of Income Dynamics (2007: 26.1% 
[Institute for Social Research 2015]) from the United States. 
4
 We experimented with different ways to account for the characteristics of other household members. For 
instance, we created aggregate household-level variables for any adult household member having experienced 
parental separation before the age of 15 and we created variables measuring the parental separation 
experience of respondents’ partners. With these alternative variables, the estimated coefficients for parental 
separation within the household lead to conclusions similar to those we obtained from only considering one 
respondent‘s experience within the household (see Appendix A, Table A.4). We therefore decided for this 
parsimonious approach for the main analysis.  
 17 
 
track these respondents over the following years. Initially observed households include all 
households in our sample in 2002 and new households in 2006 and 2010 which are formed 
from previous sample members, for example, if a child leaves the parental home. After cases 
with missing information on all but our response variable have been excluded (9%), our 
initial analytic sample consists of 7,066 individuals with 15,359 individual-year observations. 
The sample size is smaller than in other studies of parental separation using administrative 
sources (e.g., Björklund et al. 2007), but larger than studies of early life outcomes of parental 
separation based on longitudinal surveys (e.g., Francesconi et al. 2010). 
Measures 
Net wealth 
The response variable is price-adjusted, household-level net wealth, that is, the sum of 
assets less debts (see Table 1 for summary statistics). A wide range of assets is included: real 
estate, businesses assets, financial assets, savings, life insurances, superannuation (private 
pension savings), cash, vehicles (other durables are not recorded) and collectibles, such as art 
works. Debts include mortgages, loans, business debts, credit card debt and overdue bills. 
These wealth components are recorded separately and are then summed. Most components 
are reported by one member of the household who is considered to know most about the 
financial situation of the household. A few components, such as credit card debt, are recorded 
for each household member individually. To preserve confidentiality, in the public data 
release net wealth has been top-coded by the survey team at the 99 percentile. Additionally, 
we transform the net wealth variable using an inverse hyperbolic sine (IHS) transformation, 
which can handle the left-skewed wealth distribution and negative and 0 values (Burbidge, 
Magee and Robb 1988). 
 
-- Table 1 about here -- 
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Parental separation 
Measurement of children’s family structure during childhood is complex (Björklund et 
al. 2007). We focus on the experience of parental separation events. Thus, the central 
explanatory variable is parental separation before age 15 which is binary and measures 
whether respondents’ parents have ever separated when respondents were children younger 
than 15 years old. The reference category includes all respondents who have never 
experienced a separation when a child, but may have lived in very heterogeneous family 
structures during their childhood. We add additional binary variables that capture part of this 
heterogeneity in family structures to narrow the reference category in our analysis: parents 
never lived together, parent(s) died before age 15, parent(s) absent for other reasons;5 
parents got back together after separation. 
As we are also interested in the timing of parental separation during childhood, we 
disaggregate parental separations by the age at which children experienced the separation and 
create a categorical variable: no separation (ref.), separation at age 0 to 5, separation at age 
6 to 14, and separation at age 15 and after. The last category refers to parental separation 
after respondents’ childhood and allows us to compare the outcomes of parental separation 
when they occur later in respondents’ lives with those separations taking place during 
childhood. Those who experienced separation at age 15 and after are part of the reference 
category in the main explanatory variable parental separation before age 15. 
Control variables 
To capture general life course patterns of wealth accumulation, we use biological age 
centered at age 20 (the youngest age in our age range) as linear and quadratic terms. By 
                                                          
5
 Other reasons include respondent attended a boarding school, one parent setting up for family to move to a 
new country, parent(s) living abroad, respondent did not get on with parents, respondent was working at age 
14, respondent fostered or adopted out, parent(s) were ill, and unspecified other reasons. 
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including a quadratic age term we allow for a hump-shaped accumulation trajectory as 
predicted in the classic life-cycle model of consumption (Modigliani and Brumberg 1954). 
We also control for a set of time-invariant variables that we expect to precede any parental 
separation events: at least one parent foreign born; father at least 6 months unemployed 
when growing up; occupation of father and occupation of mother (not working/non-
applicable, manager/professional/technician, skilled non-manual [ref.], skilled manual, 
partly unskilled and unskilled occupations).6 We also control for exogenous, time-invariant 
characteristics of respondents: women; immigrated; and Indigenous origin. We add two 
period dummy variables to all models (ref.: 2002). 
Intervening variables 
To examine the relative importance of the three channels of influence, we include the 
following variables that capture respondents' characteristics in adulthood after a potential 
parental separation and may explain some of the association between parental separation and 
adult children’s wealth. To capture reduced educational attainment and earnings, we consider 
university degree and highest observed occupational position (not working, 
manager/professional/technician, skilled non-manual [ref.], skilled manual, partly and 
unskilled occupations). To capture atypical family structures, we include number of children, 
first birth before age 20, currently married and first marriage divorced. To measure reduced 
wealth transfers, we include inheritance received in previous year.7 Retrospective 
information about lifetime wealth transfers beyond those received in the previous year is not 
available in the HILDA Survey. 
                                                          
6
 Parental education has only been measured for the first time in 2006 which causes a large share of missing 
values on this variable even after carrying this information backward to previous observation years, which is 
why we do not include parental education in the current analysis. 
7
 We additionally tested the mediating effect of the number of adult children’s siblings, which is not included 
in our conceptual model. Previous research has shown that more siblings dilute wealth (Keister 2003) and the 
number of siblings may be negatively associated with parental separation. We found a negative association 
between number of siblings and adult children’s wealth, but inclusion of this variable changed the coefficient 
for parental separation before age 15 only marginally. 
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Analytic strategy 
Our analytic strategy is as follows. First, we present descriptive evidence of the 
bivariate association between parental separation (overall and disaggregated by age at which 
separation was experienced) and adult children’s wealth across different age groups. 
Second, for the multivariate analyses, we pre-process the data using coarsened exact 
matching (Iacus, King and Porro 2012) and then estimate random-effects growth curve 
models (Raudenbush and Bryk 2002: 160ff) to formally test the association between parental 
separation before age 15 and adult children’s wealth controlling for observed confounding 
factors (see Appendix B for a detailed description).8 In coarsened exact matching, 
respondents who have experienced a parental separation and respondents who have not 
experienced a parental separation are grouped in strata that are characterized by unique 
combinations of values on the time-invariant control variables. Only observations from strata 
which contain respondents from both comparison groups are retained in the sample. We 
prune 909 observations from 423 respondents from the sample. Thereby, we achieve 
complete overlap, i.e. the range of observed characteristics is the same in both comparison 
groups. Without complete overlap, inference based on observations that have no similar 
counterpart in the comparison group would solely rely on model assumptions without data 
support (Gelman and Hill 2007: 201). Additionally, in coarsened exact matching weights for 
each respondents are computed based on the size of the respondents’ strata which make the 
distributions of observed characteristics similar across both comparison groups. The pruned 
and weighted sample is then used for regression analyses which are less model-dependent 
and less statistically biased compared to estimation based on a sample without matching 
(Blackwell, Iacus, King and Porro 2009). 
                                                          
8
 We conduct coarsened exact matching using the cem routine in Stata 13.1 (Blackwell et al. 2009). We use the 
cmp routine (Roodman 2011) to estimate random-effects growth curve models which include the weights 
computed in coarsened exact matching. 
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To estimate the association between parental separation and adult children’s wealth we 
use random-effects growth curve regression models with the matched sample. 9 These models 
assume an underlying trajectory of change for all respondents derived from the average of 
individual-specific trajectories, but allow observed and unobserved characteristics of 
individuals to modify this underlying trajectory (Singer and Willett 2003: 45ff). Growth 
curve models are well suited for our study, because they allow examination of the association 
between parental separation and adult children’s wealth over adult children’s life courses 
(McLanahan et al. 2013). However, we do not observe complete life courses in our data, but 
the estimated “synthetic” growth curves are based on a sample of respondents who are each 
observed for a maximum of three measurement points over eight calendar years. 
Third, we extend the previous growth curve model by disaggregating the parental 
separation variable by the age at which children experienced separation. Fourth, we 
investigate how much of the association between parental separation and adult children’s 
wealth is accounted for by the three potential channels of influence by adding intervening 
variables to the model. The reduction in the association between parental separation and adult 
children’s wealth after inclusion of these variables provides an estimate of the importance of 
specific channels. We are cautious of giving these intervening variables a causal 
interpretation as they may be correlated with other unobserved variables influencing adult 
children’s wealth. 
Similar to other studies of the consequences of parental separation we need to use 
observational data, in which it is virtually impossible to control for all relevant differences 
between parents who separated and those who did not separate. Our modelling strategy is 
more robust than previous analyses in combining matching with random-effects growth curve 
                                                          
9
 Results from simple OLS models without random effects after matching and from random-effects growth 
curve models without pre-processing the data with coarsened exact matching are similar regarding the 
direction and significance of the estimated effect of parental separation before age 15, but the size of the 
coefficient is slightly smaller in the OLS model and slightly larger in the model without matching (see Appendix 
A, Table A.5). 
 22 
 
regression, but our models do not rule out the possibility that unobserved heterogeneity 
commonly affects parental separation and adult children’s wealth. Thus, we refrain from 
making causal statements about the estimated associations. As a robustness check, we 
estimate sibling fixed-effects models in which within-family variation is exploited to 
difference out family-specific, unobserved characteristics that influence all siblings in the 
family equally (see Appendix C).10 In these models, the wealth of adult children who have 
been exposed to parental separation is compared to the wealth of their siblings who have not 
experienced parental separation. Results of this exercise are suggestive of a negative 
association between parental separation and net wealth for adult children in line with our 
main analysis. However, the estimation of the parental separation coefficient is only based on 
within-variation in 26 families due to a small number of families in which siblings are 
differently exposed to parental separation with valid measurement of net wealth. 
Results 
Unconditional wealth differences by parental separation status 
Table 2 shows the average net wealth of those who experienced a parental separation 
before age 15 and those who did not by age groups. We also disaggregate parental divorce by 
the age of respondents at which parental separation occurred. Note that we report the raw net 
wealth in this table to provide meaningful measures of wealth, but use the inverse hyperbolic 
sine-transformed net wealth measure for the remainder of the analyses. 
 
                                                          
10
 We cannot use within-person fixed-effects regression because our research question does not allow for an 
analysis of within-person changes (there is no relevant “baseline wealth” owned by underage children). 
Additionally, we consider the use of instrumental variables for parental separation, but are unable to identify 
plausible instruments in the context of our analysis. Liberalisations in divorce laws (implemented in 1976 in 
Australia) which have sometimes been used as an instrument in previous research (e.g. Gruber 2004) have 
been repeatedly criticised for not satisfying the requirement to only affect children’s outcomes through 
parental separation (McLanahan et al. 2013). 
 23 
 
-- Table 2 about here -- 
 
We find a large total net wealth difference of about AUD 264,135 between those who 
experienced a parental separation before age 15 compared to those who did not pooling all 
age groups. This corresponds to 38% less wealth for those who experienced parental 
separation compared to those who did not. Disaggregating this difference by respondents’ age 
shows that differences by parental separation status are larger for younger age groups. In the 
age group 20 to 29 years, those who experienced parental separation before age 15 own only 
about half as much net wealth compared to those who did not experience a parental 
separation before age 15. Differences are no longer statistically significant for those aged 30 
and older. 
Disaggregating the age at which respondents have experienced a parental divorce 
shows that those who experienced a parental separation between the ages 0 to 5 and ages 6 to 
14 have both significantly less net wealth compared to those who never experienced a 
parental divorce averaged over all age groups. Again these differences seem to become 
smaller as people grow older, but there are some discrepancies between tests of raw and 
inverse hyperbolic sine-transformed wealth differences. These discrepancies are likely due to 
the extreme left-skewedness of the raw wealth distribution. For this reason, we prefer the 
tests on transformed wealth differences. We find a non-significant net wealth difference for 
those respondents who experienced parental divorce at age 15 or later. This gives some 
indication that late parental separations may be less harmful for adult children’s wealth later 
in life. 
Conditional association between parental separation and adult children’s net wealth 
We also find a negative association between parental separation before age 15 and adult 
children’s wealth in multivariate analyses after retaining only matched respondents in the 
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sample as shown in Table 3 (full estimation results in Table D.1 in Appendix D). Model 1 
shows a substantial, negative association between parental separation before age 15 and adult 
children’s wealth only controlling for the baseline wealth accumulation trajectory by age. The 
average wealth accumulation trajectory follows a hump-shaped trajectory over respondents’ 
age with the largest wealth growth rates during their 20s and 30s and a maximum wealth 
level at about age 55. We find highly significant variance estimates which indicate time-
constant, between-individual heterogeneity in the levels (intercept) and growth rates (age 
coefficient) of wealth. This heterogeneity may be related, for instance, to unobserved 
financial attitudes which affect the investment behavior and, consequentially, wealth growth 
rates. The significant variance estimates support our choice of random-effects models 
compared to more parsimonious models omitting these random effects. 
 
-- Table 3 about here -- 
 
The estimated association between parental separation before age 15 and adult 
children’s wealth changes little if we add variables for other aspects of the childhood family 
structure and other control variables, as shown in Model 2. To gain a better idea of the size of 
the association between parental separation and adult children’s wealth, we compare the 
estimated effect of parental separation to the estimated effect of having an unemployed father 
at age 15 relative to having a father working in a skilled manual occupation (see Table D.1 in 
Appendix D for the latter coefficient). The estimated effect of parental separation is about 20 
percent larger. Model 2 indicates that other aspects of family structure during childhood are 
also associated with adult children’s wealth. First, adult children with at least one parent who 
died before age 15 have less wealth. However, this coefficient is non-significant in analyses 
after listwise deletion (see Table A.1 in Appendix A). Second, adult children with parents 
who never lived together have significantly less wealth than adult children whose parents 
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lived together at some point during their childhood. Third, adult children who did not live 
with both parents at age 14 for other reasons, for example because at least one of their parents 
lived abroad, acquire significantly less wealth than adult children who lived with both parents 
at age 14. Whether parents came together again after an initial separation is not significantly 
associated with adult children’s wealth, but we only observe a few children who experience 
this event. 
In Model 3 (Table 3), we allow the association between parental separation before age 
15 and net wealth for adult children to vary over age by including interactions of the 
separation variable and both age terms. We find a significant interaction of parental 
separation with age at the 95% confidence level. However, this interaction is non-significant 
when excluding missing data (see Table A.1 in Appendix A). We also do not find a 
significant interaction with the squared age term. We follow the more conservative standard 
errors after listwise deletion of missing data and conclude that the association of parental 
separation before age 15 with net wealth does not significantly vary by age. Initial 
disadvantages that are evident in the main effect of parental separation, which indicates the 
average wealth disadvantage at age 20 for those who experienced a parental separation before 
age 15, persist (but does not widen) as people age. Thus, having experienced parental 
separation before age 15 shifts the average wealth trajectory downwards, but does not alter its 
shape substantially according to our data. 
Age at parental separation and adult children’s net wealth 
When disaggregating the parental separation variable by the age at which children 
experienced their parents’ separation, we find that only parental separations between ages 0 
to 5 and ages 6 to 14 are significantly associated with adult children’s net wealth (Model 4, 
Table 4). Adult children whose parents separated at age 15 or after do not differ significantly 
in their net wealth compared to those children whose parents did not separate. The 
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associations of parental separation between ages 0 to 5 with adult children’s wealth is not 
statistically significantly different from the association with separation at age 15 and after (χ2 
(1) = 2.42, p > 0.05). Parental separation between ages 6 to 14 is significantly more strongly 
associated with adult children’s wealth compared to the association of separation at age 15 
and after with adult children’s wealth (χ2 (1) = 5.40, p < 0.05). The coefficients for parental 
separation between ages 0 to 5 and 6 to 14 are not significantly different from each other (χ2 
(1) = 0.48, p > 0.05). When allowing the association between parental separation and adult 
children’s wealth to vary by age, we find no significant interactions indicating that for each of 
the three types of parental separation the estimated effect persist across different ages (Model 
5). 
 
-- Table 4 about here -- 
 
Which channels contribute to the association between parental separation and adult 
children’s wealth? 
We investgate the relative importance of educational attainment and earnings, 
partnership choices and childbearing, and intergenerational wealth transfers by exploring how 
much of the association between parental separation and adult children’s net wealth can be 
explained with intervening variables measuring aspects of these three channels. In Table 5, 
we present Model 2 again to assist comparison of coefficients. In Model 6, several variables 
capturing partnership choices and childbearing are included. Fewer children, being currently 
married and not being divorced is associated with more net wealth. An early birth before age 
20 is not significantly associated with net wealth. Adding these variables to the model 
reduces the association between parental separation and adult children’s wealth considerably 
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by about 31%. This model fits the data also substantially better according to the AIC 
(reduction of 459.70 points). 
In Model 7, we include variables measuring the educational and occupational 
attainment of adult children. We find managers, professionals and technicians to have more 
net wealth than skilled manual workers. Workers in partly unskilled and unskilled 
occupations have significantly less wealth. Unexpectedly, holding a university degree is 
negatively but non-significantly (significantly in Model 9) associated with wealth when 
controlling for occupation. This may be due to the negative effect of student loans on net 
wealth once other variables are controlled. Adding these variables to the model only 
marginally reduces the association between parental separation and adult children’s wealth by 
about 6%. Again, model fit is improved by including these additional variables (AIC 
reduction of 97.03 points) 
In Model 8, we find that inheritances received in the previous financial year are not 
significantly associated with more net wealth. Adding this variable does not reduce the 
association between parental separation and adult children’s wealth. The model fit is hardly 
improved by adding this variable (AIC reduction of 2.76 points). We may not find a 
significant association between inheritances and net wealth because of the limitations of our 
inheritance measure, which only considers the last financial year instead of lifetime wealth 
transfers. Even when we add all intervening variables simultaneously in Model 9, a 
significant association between parental separation before age 15 and adult children’s net 
wealth remains. This suggests that our measures for the three channels of influence may be 
insufficient and/or that other channels of influence may be important 
 
-- Table 5 about here -- 
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Conclusions 
We used three waves of Australian panel data from the HILDA Survey to explore the 
distal net wealth outcomes for adult children who experienced parental separation during 
childhood. We pre-processed the data with coarsened exact matching. We then estimated 
random-effects growth curve models on the matched sample predicting the growth of wealth 
over individuals’ life courses. Our results showed that parental separation is associated with 
substantially less net wealth for adult children. The negative association is limited to adult 
children who experienced parental divorce before age 15. Experience of parental divorce at 
age 15 and after is not associated with adult children’s net wealth. We found no compelling 
evidence that the association of parental separation with adult children’s wealth varies over 
children’s life courses. According to our data, the most likely pathway through which 
parental separation influences adult children’s wealth is through the partnership and 
childbearing choices made by adult children who experienced parental separation. 
Our analyses have some limitations. First, we have limited opportunities to rule out bias 
due to selective parental separation in our analysis due to our observational data. The early 
wealth disadvantage at age 20 for children with separated parents may be indicative of such 
selection. Even though our empirical strategy is more robust than previous work, the 
estimates that we present are strictly associational. We could only interpret our results as 
evidence of causal relationships if we were certain that no unobserved characteristics of 
parents, such as their wealth, or of children, such as their cognitive abilities, correlated with 
parental separation and adult children’s wealth. Second, with only a maximum of three 
observations for each respondent, our ability to accurately estimate the shape of individual 
wealth growth curves is limited. Third, our focus on parental separation events largely 
ignores diversity in children’s post-separation experiences. For instance, in many cases 
parental separation is equivalent to father absence, but in other cases both parents may 
continue to share custody equally after separation. Re-partnering may compensate for some 
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adverse effects of parental separation, but repeated family transitions and being reared in step 
families may have additional negative effects for children. As our estimates average across 
these heterogeneous post-separation settings, we may misestimate the association between 
the event of parental separation and adult children’s wealth. 
Further exploration of the complexities of post-separation experiences and how they 
relate to adult children’s wealth is one avenue for future research. Here, the structure of post-
separation families may be especially interesting. In blended families, for example, direct 
wealth transfers from parents may be restricted to biological children, while, on the other 
hand, potentially new sources of transfers are added as relationships to new step- (grand-) 
parents are established. Previous literature has also shown that wealth accumulation processes 
differ by gender (Chang 2010: 96ff) and the association of parental separation with adult’s 
wealth may be different for daughters and sons (Amato et al. 1991b). Further investigation of 
these gender differences may also be fruitful for a better understanding of the channels 
through which parental separation influences adult children’s wealth. 
Despite these limitations and open questions, we make four main contributions to the 
literature on parental separation and wealth. First, we showed that parental separation is 
negatively associated with adult children’s wealth. We go beyond previous analyses of this 
association by providing the most robust test of the association to date. We also use a more 
comprehensive measure of net wealth combined with a broader sample than available in 
previous research. Ours is also the first study showing a negative association between 
parental separation before age 15 and adult children’s wealth outside of the United States 
which is important given that context may moderate the association. Despite the different 
context in Australia, our findings are broadly consistent with those from the United States 
indicating that parental separation is consequential across different contextual settings 
(similarly for Sweden and the United States, Björklund et al. [2007]). 
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Second, we examined three channels, namely reduced educational attainment and 
earnings, partnership and childbearing choices and reduced intergenerational wealth transfers, 
through which parental separation may influence adult children’s wealth. We showed that of 
these three channels, the influence of parental separation seems to mainly work through the 
partnership and childbearing choices of adult children which negatively affect their wealth 
accumulation. This is consistent with the established finding that parental divorce is 
positively associated with divorce in the filial generation (Amato and Cheadle 2005). Our 
findings indicate that biographical dependencies within adult children’s life courses, where 
early experience shape later life outcomes, are more relevant to explain the association of 
parental separation during childhood with adult children’s wealth than persisting links across 
generations throughout children’s life courses that are manifest in intergenerational transfers 
of wealth. We do not directly test the various theories proposed to explain the influence of 
parental separation on children focusing on socialization, material deprivation and 
psychological stress. However, previous literature suggests that divorce risk is 
intergenerationally transmitted mainly through socialization into attitudes and behavioral 
strategies that negatively affect adult children’s marital stability later in life (Diekmann and 
Engelhardt 1999). Thus, it seems likely that the negative association between parental 
separation and adult children’s wealth mainly works through childhood socialization that 
negatively affects marital stability and other demographic behavior which further results in 
less wealth in adulthood. 
This conclusion is also supported by our third contribution to the literature. We tested 
whether early parental separation during childhood is more negatively related to adult 
children’s wealth than later parental separation during childhood and young adulthood. We 
found evidence that parental separation occurring between the ages of 6 and 14 is more 
negatively associated with adult’s children wealth than parental separation that takes place 
later in life. Parental separations later in life are not associated with adult children’s wealth. 
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This also indicates that intergenerational wealth transfers do not substantially contribute to 
the negative association between parental separation and adult children’s wealth. If 
intergenerational transfers were a channel by which parental separation influences adult 
children’s wealth, then we would also expect to see such an influence on net wealth for 
parental separations taking place later in adult children’s lives, while later parental 
separations may be less likely to influence educational attainment, partnership choices and 
childbearing (Cavanagh et al. 2008; Shapiro et al. 2007). We also show that early-childhood 
parental separation before age 6 is similarly associated with adult children’s wealth compared 
to mid-childhood parental separation (between ages 6 to 14) in accordance with some other 
studies that do not find age-at-separation specific associations with other outcomes (e.g., 
Cherlin et al. 1995). 
Finally, as the negative association between parental separation and adult children’s 
wealth in our data is relatively stable across the life course, we show that the wealth 
disadvantage of growing up in a disrupted family persists over time. As children from 
disrupted families grow older, they do not catch up with children from intact families in terms 
of their net wealth. More broadly, this finding is an important contribution to the literature on 
the intergenerational transmission of disadvantage. Wealth is a central dimension of social 
stratification and provides manifold advantages that contributes to life chances and wellbeing. 
Children of separated parents are systematically disadvantaged concerning their wealth and 
are likely to pass on this disadvantage to their own children. 
  
 32 
 
References 
Amato, Paul R. 1993. “Children's Adjustment to Divorce. Theories, Hypotheses, and 
Empirical Support.” Journal of Marriage and Family 55:23–38. 
Amato, Paul R. 1996. “Explaining the Intergenerational Transmission of Divorce.” Journal of 
Marriage and Family 58:628–640.  
Amato, Paul R. and Alan Booth. 1991a. “Consequences of Parental Divorce and Marital 
Unhappiness for Adult Well-Being.” Social Forces 69:895–914. 
Amato, Paul R. and Bruce Keith. 1991b. “Separation from a Parent during Childhood and 
Adult Socioeconomic Attainment.” Social Forces 70:187–206. 
Amato, Paul R. and Christopher J. Anthony. 2014. “Estimating the Effects of Parental 
Divorce and Death With Fixed Effects Models.” Journal of Marriage and Family 
76:370–386. 
Amato, Paul R. and Jacob Cheadle. 2005. “The long reach of divorce. Divorce and child 
well-being across three generations.” Journal of Marriage and Family 67:191–206. 
Amato, Paul, Research on Divorce: Continuing Trends and New Developments. Journal of 
Marriage and Family 72 (June 2010): 650 – 666 
Astone, N. M. and S. S. McLanahan. 1994. “Family structure, residential mobility, and 
school dropout. A research note.” Demography 31:575–584. 
Australian Bureau of Statistics. 2012. “Love me do. 4102.0 Australian Social Trends, March 
Quarter 2012” Canberra: Australian Bureau of Statistics Retrieved June 25, 2015 
(http://www.abs.gov.au/AUSSTATS/abs@.nsf/Lookup/4102.0Main+Features30March
+Quarter+2012). 
Australian Bureau of Statistics. 2013. “Marriages and Divorces, Australia, 2012. Cat No. 
3310.0”. Canberra: Australian Bureau of Statistics. Retrieved July 10, 2015 
(http://www.abs.gov.au/ausstats/abs@.nsf/Previousproducts/27572C439418B7DECA2
57C2F00109916?opendocument)  
 33 
 
Australian Bureau of Statistics. 2014. “Divorces.” Canberra: Australian Bureau of Statistics. 
Retrieved May 13, 2015 (http://www.abs.gov.au/ausstats/abs@.nsf/mf/3310.0). 
Biblarz, Timothy J. and Adrian E. Raftery. 1999. “Family Structure, Educational Attainment, 
and Socioeconomic Success. Rethinking the "Pathology of Matriarchy".” American 
Journal of Sociology 105:321–365. 
Björklund, Anders, Donna K. Ginther, and Marianne Sundström. 2007. “Family structure and 
child outcomes in the USA and Sweden.” Journal of Population Economics 20:183–
201. 
Blackwell, Matthew, Stefano Iacus, Gary King, and Giuseppe Porro. 2009. “Cem: Coarsened 
Exact Matching in Stata.” The Stata Journal 9: 524–546. 
Blackwell, Matthew, Stefano Iacus, Gary King, and Giuseppe Porro. 2009. “Cem: Coarsened 
Exact Matching in Stata.” The Stata Journal 9: 524–546. 
Burbidge, John B., Lonnie Magee, and A. Leslie Robb. 1988. “Alternative Transformations 
to Handle Extreme Values of the Dependent Variable.” Journal of the American 
Statistical Association 83:123–127. 
Cavanagh, Shannon E. and Aletha C. Huston. 2008. “The Timing of Family Instability and 
Children’s Social Development.” Journal of Marriage and Family 70:1258–1270. 
Chang, Mariko L. 2010. Shortchanged. Why women have less wealth and what can be done 
about it, Oxford: Oxford University Press. 
Cheng, Siwei. 2014. “A Life Course Trajectory Framework for Understanding the Intracohort 
Pattern of Wage Inequality.” American Journal of Sociology 120:633–700. 
Cherlin, Andrew J. 2009. The Marriage-Go-Round. The State of Marriage and the Family in 
America Today. New York: Alfred Knopf. 
Cherlin, Andrew J., Kathleen E. Kiernan, and P. Lindsay Chase-Lansdale. 1995. “Parental 
Divorce in Childhood and Demographic Outcomes in Young Adulthood.” Demography 
32:299–318. 
 34 
 
Cherlin, Andrew J., P. Lindsay Chase-Lansdale, and Christine McRae. 1998. “Effects of 
Parental Divorce on Mental Health Throughout the Life Course.” American 
Sociological Review 63:239–249. 
Clark, Shelley and Catherine Kenney. 2010. “Is the United States Experiencing a ‘Matrilineal 
Tilt’? Gender, Family Structures and Financial Transfers to Adult Children.” Social 
Forces 88:1753–1776. 
Corak, Miles. 2001. “Death and Divorce. The Long‐Term Consequences of Parental Loss on 
Adolescents.” Journal of Labor Economics 19:682–715. 
Dew, Jeffrey and David J. Eggebeen. 2010. “Beyond the Wage Premium. Fatherhood and 
Asset Accumulation.” Research in Human Development 7:140–158. 
Diekmann, Andreas and Henriette Engelhardt. 1999. “The Social Inheritence of Divorce. 
Effects of Parent's Family Type in Postwar Germany.” American Sociological Review 
64:783–793. 
DiPrete, Thomas A. and Gregory M. Eirich. 2006. “Cumulative Advantage as a Mechanism 
for Inequality. A Review of Theoretical and Empirical Developments.” Annual Review 
of Sociology 32:271–297. 
Duncan, Greg J., W. Jean Yeung, Jeanne Brooks-Gunn and Judith R. Smith. 1998. “How 
much does childhood poverty affect the life chances of children?” American 
Sociological Review 63: 406-423. 
Elder, Glen H. 1994. “Time, Human Agency, and Social Change. Perspectives on the Life 
Course.” Social Psychology Quarterly 57:4–15. 
Ermisch, John F. and Marco Francesconi. 2001. “Family structure and children's 
achievements.” Journal of Population Economics 14:249–270. 
Erola, Jani, Juho Härkönen, and Jaap Dronkers. 2012. “More Careful or Less Marriageable? 
Parental Divorce, Spouse Selection and Entry into Marriage.” Social Forces 90:1323–
1345. 
 35 
 
Fomby, Paula and Andrew J. Cherlin. 2007. “Family Instability and Child Well-Being.” 
American Sociological Review 72:181–204. 
Francesconi, Marco, Stephen P. Jenkins, and Thomas Siedler. 2010. “Childhood family 
structure and schooling outcomes. Evidence for Germany.” Journal of Population 
Economics 23:1073–1103. 
Frick, Joachim R., Markus M. Grabka, and Jan Marcus. 2010. SOEP 2007. Editing und 
multiple Imputation der Vermögensinformation 2002 und 2007 im SOEP, SOEP 
Survey Papers 146, Berlin. 
Funder, Kate, Margaret Harrison, and Ruth Weston (eds.). 1993. Settling Down: Pathways of 
Parents after Divorce. Melbourne: Australian Institute of Family Studies. 
Furstenberg, Frank F., Saul D. Hoffman, and Laura Shrestha. 1995. “The Effect of Divorce 
on Intergenerational Transfers. New Evidence.” Demography 32:319–333. 
Gale, William G. and John K. Scholz. 1994. “Intergenerational Transfers and the 
Accumulation of Wealth.” The Journal of Economic Perspectives 8:145–160. 
Gelman, Andrew and Jennifer Hill. 2007. Data analysis using regression and 
multilevel/hierarchical models. Analytical methods for social research, Cambridge: 
Cambridge University Press. 
Ginther, Donna K. and Robert A. Pollak. 2004. “Family structure and children’s educational 
outcomes. Blended families, stylized facts, and descriptive regressions.” Demography 
41:671–696. 
Gruber, Jonathan. 2004. “Is Making Divorce Easier Bad for Children? The Long‐Run 
Implications of Unilateral Divorce.” Journal of Labor Economics 22:799–833. 
Grundy, Emily. 2005. “Reciprocity in relationships: socio-economic and health influences on 
intergenerational exchanges between Third Age parents and their adult children in 
Great Britain.” The British Journal of Sociology 56:233–255. 
 36 
 
Hayes, Clinton and Nicole Watson. 2009. HILDA Imputation Methods, HILDA Project 
Technical Paper Series 02/09, Melbourne Institute of Applied Economic and Social 
Research, University of Melbourne. 
Heckman, J. 2006. “Skill Formation and the Economics of Investing in Disadvantaged 
Children”. Science 312: 1900-1902. 
Hewitt, Belinda, Janeen Baxter and Mark Western. 2005. “Marriage Breakdown in Australia: 
The Social Correlates of Separation and Divorce.” Journal of Sociology 41:163–183. 
Holden, Karen C. and Pamela J. Smock. 1991. “The Economic Costs of Marital Dissolution: 
Why Do Women Bear a Disproportionate Cost?” Annual Review of Sociology 17:51–
78. 
Iacus, Stefano M., Garry King, and Giuseppe Porro. 2012. “Causal Inference without Balance 
Checking: Coarsened Exact Matching.” Political Analysis, 20: 1–24. 
Iacus, Stefano M., Garry King, and Giuseppe Porro. 2012. “Causal Inference without Balance 
Checking: Coarsened Exact Matching.” Political Analysis, 20: 1–24. 
Institute for Social Research. 2015. “Accuracy code for imputation of 2007 wealth summary 
variables.” Ann Arbor: Institute for Social Research, University of Michigan. Retrieved 
May 19, 2015 (http://simba.isr.umich.edu/cb.aspx?vList=S817A). 
Jain, Shail. 2007. Lifetime marriage and divorce trends, Australian Bureau of Statistics, 
Australian Social Trends 4102.0, Canberra. 
Kalil, Arile, Ron Haskins, and Jenny Chesters (eds.). 2012. Investing in Children. Work, 
Education and Social Policy in Two Rich Countries. Washington: The Brookings 
Institution. 
Keister, Lisa A. 2003. “Sharing the wealth. The effect of siblings on adults’ wealth 
ownership.” Demography 40:521–542. 
Keister, Lisa A. 2004. “Race, Family Structure, and Wealth. The Effect of Childhood Family 
on Adult Asset Ownership.” Sociological Perspectives 47:161–187. 
 37 
 
Keister, Lisa A. 2005. Getting rich. America's new rich and how they got there, Cambridge: 
Cambridge University Press. 
Kim, Hyun S. 2011. “Consequences of Parental Divorce for Child Development.” American 
Sociological Review 76:487–511. 
Kotlikoff, Laurence J. and Lawrence H. Summers. 1981. “The Role of Intergenerational 
Transfers in Aggregate Capital Accumulation.” Journal of Political Economy 89:706–
732. 
Lang, Kevin and Jay L. Zagorsky. 2001. “Does Growing up with a Parent Absent Really 
Hurt?” The Journal of Human Resources 36:253–273. 
Leopold, Thomas and Thorsten Schneider. 2011. “Family Events and the Timing of 
Intergenerational Transfers.” Social Forces 90:595–616. 
Lopoo, Leonard M. and Thomas DeLeire. 2014. “Family structure and the economic 
wellbeing of children in youth and adulthood.” Social Science Research 43:30–44. 
Lyngstad, Torkild H. and Marika Jalovaara. 2010. “A review of the antecedents of union 
dissolution.” Demographic Research 23:257–292. 
McDonald, Peter. 1986. Settling Up: Property and Income Distribution on Divorce in 
Australia. Melbourne: Prentice Hall. 
McLanahan, Sara and Christine Percheski. 2008. “Family Structure and the Reproduction of 
Inequalities.” Annual Review of Sociology 34:257–276. 
McLanahan, Sara and Larry Bumpass. 1988. “Intergenerational Consequences of Family 
Disruption.” American Journal of Sociology 94:130–152. 
McLanahan, Sara, Laura Tach, and Daniel Schneider. 2013. “The Causal Effects of Father 
Absence.” Annual Review of Sociology 39:399–427. 
McLanahan, Sara. 1985. “Family Structure and the Reproduction of Poverty.” American 
Journal of Sociology 90:873–901. 
 38 
 
Modigliani, Franco and Richard Brumberg. 1954. “Utility analysis and the consumption 
function. An interpretation of cross-section data.” Pp. 388–436 in Post Keynesian 
Economics, edited by K. K. Kurihara. New Brunswick: Rutgers University Press. 
Modigliani, Franco. 1988. “The Role of Intergenerational Transfers and Life Cycle Saving in 
the Accumulation of Wealth.” Journal of Economic Perspectives 2:15–40. 
Phillips, Ben, Riyana Miranti, Yogi Vidyattama, and Rebecca Cassells, 2013. Poverty, Social 
Exclusion and Disadvantage in Australia. National Centre for Social and Economic 
Modelling University of Canberra, Canberra. 
Ploeg, Jenny, Lori Campbell, Margaret A. Denton, Anju Joshi, and Sharon Davies. 2004. 
“Helping to Build and Rebuild Secure Lives and Futures. Financial Transfers from 
Parents to Adult Children and Grandchildren.” Canadian Journal on Aging 23:S113-
S125. 
Raudenbush, Stephen W. and Anthony S. Bryk. 2002. Hierarchical linear models. 
Applications and data analysis methods, Thousand Oaks: Sage Publications. 
Raudenbush, Stephen W. and Anthony S. Bryk. 2002. Hierarchical linear models. 
Applications and data analysis methods, Thousand Oaks: Sage Publications. 
Roodman, David. 2011. “Fitting fully observed recursive mixed-process models with cmp”. 
Stata Journal 11:159–206. 
Roodman, David. 2011. “Fitting fully observed recursive mixed-process models with cmp”. 
Stata Journal 11:159–206. 
Shapiro, Adam and Teresa M. Cooney. 2007. “Divorce and Intergenerational Relations 
Across the Life Course.” Advances in Life Course Research 12:191–219. 
Sheehan, Grania. 2002. “Financial Aspects of the Divorce Transition in Australia: Recent 
Empirical Findings.” International Journal of Law, Policy and the Family 16: 95–126. 
Singer, Judith D. and John B. Willett. 2003. Applied longitudinal data analysis. Modeling 
change and event occurrence, Oxford: Oxford University Press. 
 39 
 
Spilerman, Seymour. 2000. “Wealth and Stratification Processes.” Annual Review of 
Sociology 26:497–524. 
Summerfield, M., S. Freidin, M. Hahn, N. Li, N. Macalalad, L. Mundy, N. Watson, R. 
Wilkins, and M. Wooden. 2014. “HILDA User Manual – Release 13”, Melbourne: 
Melbourne Institute of Applied Economic and Social Research, University of 
Melbourne. Retrieved May 19, 2015 
(https://www.melbourneinstitute.com/downloads/hilda/User%20Manual/HILDA_User_
Manual_Release_13.0.pdf) 
Summerfield, Tracy, Lisa Young, Jade Harman, and Paul Flatau. 2010. “Child Support and 
Welfare to Work Reforms: The Economic Consequences for Single Parents”. Family 
Matters 84: 68–78. 
U.S. Census Bureau. 2012. Table 133. “Marriages and Divorces – Number and Rate by State: 
1990-2009. Statistical Abstract of the United States”, Retrieved June 25, 2015 
(http://www.census.gov/compendia/statab/2012/tables/12s0133.pdf) 
Vespa, Jonathan and Matthew A. Painter. 2011. “Cohabitation History, Marriage, and Wealth 
Accumulation.” Demography 48:983–1004. 
Weston, Ruth and Lixia Qu. 2013. “Working out relationships” Australian Family Trends No. 
3, Australian Institute of Family Studies, Melbourne. 
https://aifs.gov.au/publications/working-out-relationships 
Wilmoth, Janet and Gregor Koso. 2002. “Does Marital History Matter? Marital Status and 
Wealth Outcomes among Preretirement Adults.” Journal of Marriage and Family 
64:254–268. 
Wolfinger, Nicholas H. 2003. “Family structure homogamy. The effects of parental divorce 
on partner selection and marital stability.” Social Science Research 32:80–97. 
 40 
 
Tables 
Table 1: Summary statistics by parental separation 
    
No parental separation 
before age 15 
Parental separation before 
age 15 All respondents 
    M SD M SD M SD MIN MAX 
Net wealth (raw) 681524.901 1093899.875 417629.249 946079.023 645683.614 1078783.915 -2980700.000 8835721.000 
Net wealth (IHS-transformed) 12.287 4.811 10.319 6.668 12.020 5.147 -15.601 16.687 
Parental separation before age 15 0.000 
 
1.000 
 
0.136 
 
0.000 1.000 
Timing of parental separation 
        
 
No separation 0.943 
 
0.000 
 
0.815 
 
0.000 1.000 
 
Separated aged 0-5 0.000 
 
0.409 
 
0.056 
 
0.000 1.000 
 
Separated aged 6-14 0.000 
 
0.591 
 
0.080 
 
0.000 1.000 
 
Separated aged 15+ 0.057 
 
0.000 
 
0.049 
 
0.000 1.000 
Age (centered at age 20) 25.580 12.516 17.709 12.082 24.511 12.746 0.000 49.000 
Parent(s) died before age 15 0.048 
 
0.000 
 
0.041 
 
0.000 1.000 
Parents never lived together 0.006 
 
0.000 
 
0.005 
 
0.000 1.000 
Parent(s) absent for other reasons 0.011 
 
0.029 
 
0.013 
 
0.000 1.000 
Parents came together again 0.011 
 
0.086 
 
0.021 
 
0.000 1.000 
Parent(s) foreign born 0.407 
 
0.409 
 
0.407 
 
0.000 1.000 
Father at least 6 months unemployed when growing up 0.102 
 
0.163 0.369 0.110 0.313 0.000 1.000 
Occupation of father 
        
 
Not working 0.016 
 
0.150 
 
0.035 
 
0.000 1.000 
 
Manager/Professional/Technician 0.361 
 
0.329 
 
0.357 
 
0.000 1.000 
 
Skilled non-manual 0.058 
 
0.046 
 
0.057 
 
0.000 1.000 
 
Skilled manual 0.480 
 
0.405 
 
0.470 
 
0.000 1.000 
 
Partly & unskilled occupations 0.084 
 
0.070 
 
0.082 
 
0.000 1.000 
Occupation of mother 
        
 
Not working 0.239 
 
0.134 
 
0.225 
 
0.000 1.000 
 
Manager/Professional/Technician 0.251 
 
0.301 
 
0.258 
 
0.000 1.000 
 
Skilled non-manual 0.148 
 
0.192 
 
0.154 
 
0.000 1.000 
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Skilled manual 0.240 
 
0.225 
 
0.238 
 
0.000 1.000 
 
Partly unskilled & unskilled occupations 0.122 
 
0.149 
 
0.126 
 
0.000 1.000 
Women 0.545 
 
0.576 
 
0.550 
 
0.000 1.000 
Immigrated 0.235 
 
0.158 
 
0.224 
 
0.000 1.000 
Indigenous origin 0.017 
 
0.032 
 
0.019 
 
0.000 1.000 
Period 
        
 
2002 0.343 
 
0.287 
 
0.335 
 
0.000 1.000 
 
2006 0.329 
 
0.326 
 
0.328 
 
0.000 1.000 
 
2010 0.328 
 
0.387 
 
0.336 
 
0.000 1.000 
Number of children 1.899 1.522 1.508 1.443 1.846 1.518 0.000 18.000 
First birth before age 20 0.078 
 
0.142 
 
0.087 
 
0.000 1.000 
Currently married 0.539 
 
0.344 
 
0.513 
 
0.000 1.000 
First marriage divorced 0.115 
 
0.111 
 
0.115 
 
0.000 1.000 
University degree 0.278 
 
0.203 
 
0.268 
 
0.000 1.000 
Occupation of respondent 
        
 
Not working/not applicable/armed forces 0.008 
 
0.016 
 
0.009 
 
0.000 1.000 
 
Manager/Professional/Technician 0.667 
 
0.636 
 
0.663 
 
0.000 1.000 
 
Skilled non-manual 0.100 
 
0.114 
 
0.102 
 
0.000 1.000 
 
Skilled manual 0.183 
 
0.199 
 
0.186 
 
0.000 1.000 
 
Partly & unskilled occupations 0.042 
 
0.035 
 
0.041 
 
0.000 1.000 
Inheritance received in previous financial year 0.017   0.020   0.018   0.000 1.000 
Individual-year observations 13,273   2,086   15,359       
Individuals 6,039 
 
1,027 
 
7,066 
   Individual-year observations with match 12,437 
 
2,013 
 
14,450 
   Individuals with match 5,653   990   6,643       
 
Source: HILDA Survey (release 13.0) 2002, 2006, 2010 (unweighted, includes imputed data, unmatched sample). 
Notes: - 
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Table 2: Unconditional mean net wealth by parental separation status (raw wealth in Panel A; IHS-transformed wealth in Panel B) 
Age group 
No parental 
separation before 
age 15 (ref.) 
Parental separation 
before age 15 
No parental 
separation  (ref.) 
Parental separation 
when age 0-5 
Parental separation 
when age 6-14 
Parental separation 
when age 15+ 
Panel A: Raw wealth measure 
Total 702,866.236 438,730.948 *** 709,641.146 451,195.747 *** 429,461.385 *** 580,852.141 
 20-29 163,861.326 101,187.098 *** 153,668.047 108,165.274 * 94,479.632 * 358,589.872 
 30-39 438,879.709 367,605.201   444,509.152 359,148.860 
 
373,925.256 
 
361,927.678 
 40-49 696,914.051 567,083.115   701,948.798 734,869.349 
 
461,284.701 *** 620,027.772 
 50-59 946,068.507 852,386.866   956,968.458 858,666.623 
 
847,954.462 
 
682,300.285 * 
60-69 1,063,851.116 1,034,437.249   1,064,498.797 1,185,171.666 
 
963,456.056 
 
1,047,420.577 
 Panel B: IHS-transformed wealth measure 
Total 12.421 10.548 *** 12.435 10.468 *** 10.608 *** 12.160 
 20-29 8.989 7.678 ** 8.955 8.025 
 
7.343 ** 9.644 
 30-39 12.096 10.472 *** 12.09 10.193 *** 10.681 ** 12.173 
 40-49 12.730 12.247   12.772 12.314 
 
12.205 
 
12.091 
 50-59 13.297 13.032   13.322 13.17 
 
12.934 
 
12.699 
 60-69 13.298 12.77   13.286 14.235 *** 12.08 
 
13.599 
 Individual-year observations 13,273 2,086 
 
12,518 854   1,232   755   
Individuals 6,039 1,027 
 
5,743 420 
 
607 
 
296 
  
Source: HILDA Survey (release 13.0) 2002, 2006, 2010 (weighted [numbers of observations unweighted], includes imputed data, unmatched 
sample). 
Notes: * p<.05, ** p<.01, *** p<.001 (two-tailed tests) 
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Table 3: Random-effects growth curve models of net wealth 
    Model 1  Model 2 Model 3  
    B (SE) B (SE) B (SE) 
Parental separation before age 15 -0.961 *** -0.864 *** -1.838 *** 
  
(0.15) 
 
(0.16) 
 
(0.38) 
 Age (centered at age 20) 0.354 *** 0.350 *** 0.330 *** 
  
(0.02) 
 
(0.02) 
 
(0.02) 
 Age sq. -0.005 *** -0.005 *** -0.005 *** 
  
(0.00) 
 
(0.00) 
 
(0.00) 
 
 
Age*Parental separation before age 15 
    
0.084 * 
      
(0.04) 
 
 
Age sq.*Parental separation before age 15 
    
-0.001 
 
      
(0.00) 
 Parent(s) died before age 15 
  
-0.602 * -0.588 * 
    
(0.27) 
 
(0.27) 
 Parents never lived together 
  
-3.173 *** -3.233 *** 
    
(0.73) 
 
(0.73) 
 Parent(s) absent for other reasons 
  
-1.568 *** -1.626 *** 
    
(0.47) 
 
(0.47) 
 Parents came together again 
  
-0.060 
 
-0.080 
 
    
(0.36) 
 
(0.36) 
 Constant 7.219 *** 7.431 *** 7.691 *** 
  
(0.17)   (0.23)   (0.25)   
Variance age coefficient 0.000 *** 0.000 *** 0.000 *** 
  
(0.00) 
 
(0.00) 
 
(0.00) 
 Variance intercept 11.903 *** 11.440 *** 11.420 *** 
  
(0.36) 
 
(0.36) 
 
(0.36) 
 Variance residuals 12.741 *** 12.752 *** 12.747 *** 
    (0.21) 
 
(0.21) 
 
(0.21) 
 Individual-year observations  14,450 14,450 14,450 
Individuals 6,643 6,643 6,643 
Deviance 84,882.054 84,722.759 84,711.337 
AIC   84,896.054 84,772.759 84,765.337 
 
Source: HILDA Survey (release 13.0) 2002, 2006, 2010 (unweighted, includes imputed data, 
sample after coarsened exact matching). 
Notes: Linear random-effects models with response variable net wealth (IHS transformation); 
additional controls include parent(s) foreign born, father at least 6 months unemployed when 
growing up, occupation of father, occupation of mother, women, immigrated, Indigenous 
origin, period; full estimation results in Table D.1 in Appendix D;  
* p<.05, ** p<.01, *** p<.001 (two-tailed tests). 
 44 
 
Table 4: Random-effects growth curve models of net wealth including the timing of parental 
separation 
    Model 4 Model 5 
    B (SE) B (SE) 
Timing of parental separation (ref.: Not separated) 
    
 
Separated aged 0-5 -0.768 ** -1.649 ** 
  
(0.23) 
 
(0.53) 
 
 
Separated aged 6-14 -0.963 *** -1.884 *** 
  
(0.20) 
 
(0.48) 
 
 
Separated aged 15+ -0.249 
 
1.193 
 
  
(0.26) 
 
(0.96) 
 Age (centered at age 20) 0.350 *** 0.336 *** 
  
(0.02) 
 
(0.02) 
 
 
*Separated aged 0-5 
  
0.064 
 
    
(0.06) 
 
 
*Separated aged 6-14 
  
0.084 
 
    
(0.05) 
 
 
*Separated aged 15+ 
  
-0.126 
 
    
(0.08) 
 Age sq. -0.005 *** -0.005 *** 
  
(0.00) 
 
(0.00) 
 
 
*Separated aged 0-5 
  
-0.000 
 
    
(0.00) 
 
 
*Separated aged 6-14 
  
-0.001 
 
    
(0.00) 
 
 
*Separated aged 15+ 
  
0.002 
 
    
(0.00) 
 Constant 7.437 *** 7.622 *** 
  
(0.23) 
 
(0.25) 
 Variance age coefficient 0.000 *** 0.000 *** 
  
(0.00) 
 
(0.00) 
 Variance intercept 11.434 *** 11.399 *** 
  
(0.36) 
 
(0.35) 
 Variance residuals 12.752 *** 12.748 *** 
    (0.21) 
 
(0.21) 
 Individual-year observations  14,450 14,450 
Individuals 6,643 6,643 
Deviance 84,721.359 84,705.209 
AIC   84,775.359 84,771.209 
 
Source: HILDA Survey (release 13.0) 2002, 2006, 2010 (unweighted, includes imputed data, 
sample after coarsened exact matching). 
Notes: Linear random-effects models with response variable net wealth (IHS transformation); 
additional controls include parent(s) died before age 15, parents never lived together, 
parent(s) absent for other reasons, parents came together again, parent(s) foreign born, father 
at least 6 months unemployed when growing up, occupation of father, occupation of mother, 
women, immigrated, Indigenous origin, period; full estimation results in Table D.2 in 
Appendix D;  
* p<.05, ** p<.01, *** p<.001 (two-tailed tests). 
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Table 5: Random-effects growth curve models of net wealth including intervening variables 
    Model 2 Model 6 Model 7 Model 8 Model 9 
    B (SE) B (SE) B (SE) B (SE) B (SE) 
Parental separation before age 15 -0.864 *** -0.595 *** -0.815 *** -0.866 *** -0.578 *** 
  
(0.16) 
 
(0.16) 
 
(0.16) 
 
(0.16) 
 
(0.16) 
 Number of children 
  
-0.241 *** 
    
-0.222 *** 
    
(0.04) 
     
(0.04) 
 First birth before age 20 
  
-0.092 
     
-0.012 
 
    
(0.18) 
     
(0.18) 
 Currently married 
  
2.082 *** 
    
2.045 *** 
    
(0.11) 
     
(0.11) 
 First marriage divorced 
  
-0.480 ** 
    
-0.471 ** 
    
(0.16) 
     
(0.16) 
 University degree 
    
-0.257 
   
-0.373 ** 
      
(0.13) 
   
(0.13) 
 Occupation of respondent (ref.: skilled manual) 
          
 
Not working 
    
-0.531 
   
-0.537 
 
      
(0.56) 
   
(0.54) 
 
 
Manager/Professional/Technician 
    
0.908 *** 
  
0.774 *** 
      
(0.14) 
   
(0.14) 
 
 
Skilled non-manual 
    
0.116 
   
-0.019 
 
      
(0.20) 
   
(0.20) 
 
 
Partly unskilled & unskilled occupations 
    
-1.461 *** 
  
-1.302 *** 
      
(0.28) 
   
(0.27) 
 Inheritance received in previous financial year 
      
0.589 
 
0.583 
 
        
(0.40) 
 
(0.38) 
 Constant 7.431 *** 6.953 *** 7.020 *** 7.429 *** 6.636 *** 
  
(0.23) 
 
(0.23) 
 
(0.25) 
 
(0.23) 
 
(0.24) 
 Variance age coefficient 0.000 *** 0.000 *** 0.000 *** 0.000 *** 0.000 *** 
  
(0.00) 
 
(0.00) 
 
(0.00) 
 
(0.00) 
 
(0.00) 
 Variance intercept 11.440 *** 10.029 *** 11.107 *** 11.431 *** 9.784 *** 
  
(0.36) 
 
(0.33) 
 
(0.35) 
 
(0.36) 
 
(0.33) 
 Variance residuals 12.752 *** 12.840 *** 12.772 *** 12.750 *** 12.845 *** 
    (0.21)   (0.21)   (0.21)   (0.21)   (0.22)   
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Individual-year observations  14,450 14,450 14,450 14,450 14,450 
Individuals 6,643 6,643 6,643 6,643 6,643 
Deviance 84,722.759 84,255.058 84,615.728 84,718.006 84,160.328 
AIC   84,772.759 84,313.058 84,675.728 84,770.006 84,230.328 
 
Source: HILDA Survey (release 13.0) 2002, 2006, 2010 (unweighted, includes imputed data, sample after coarsened exact matching). 
Notes: Linear random-effects models with response variable net wealth (IHS transformation); additional controls include age, age sq., parent(s) 
died before age 15, parents never lived together, parent(s) absent for other reasons, parents came together again, parent(s) foreign born, father at 
least 6 months unemployed when growing up, occupation of father, occupation of mother, women, immigrated, Indigenous origin, period; full 
estimation results in Table D.3 in Appendix D;  
* p<.05, ** p<.01, *** p<.001 (two-tailed tests). 
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Figures 
Figure 1: Conceptual framework 
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Appendix A: Replication of results with alternative sample and model 
specifications 
 
Table A.1: Random-effects growth curve models of net wealth with listwise deletion of 
missing values 
    Model A.1  Model A.2 Model A.3  
    B (SE) B (SE) B (SE) 
Parental separation before age 15 -0.851 *** -0.737 *** -1.442 *** 
  
(0.17) 
 
(0.18) 
 
(0.42) 
 Age (centered at age 20) 0.370 *** 0.367 *** 0.353 *** 
  
(0.02) 
 
(0.02) 
 
(0.02) 
 Age sq. -0.005 *** -0.005 *** -0.005 *** 
  
(0.00) 
 
(0.00) 
 
(0.00) 
 
 
Age*Parental separation before age 15 
    
0.050 
 
      
(0.04) 
 
 
Age sq.*Parental separation before age 15 
    
-0.000 
 
      
(0.00) 
 Parent(s) died before age 15 
  
-0.382 
 
-0.371 
 
    
(0.29) 
 
(0.29) 
 Parents never lived together 
  
-2.700 ** -2.750 *** 
    
(0.83) 
 
(0.83) 
 Parent(s) absent for other reasons 
  
-1.652 ** -1.711 ** 
    
(0.52) 
 
(0.52) 
 Parents came together again 
  
-0.006 
 
-0.024 
 
    
(0.39) 
 
(0.39) 
 Constant 7.048 *** 7.165 *** 7.359 *** 
  
(0.19) 
 
(0.26) 
 
(0.28) 
 Variance age coefficient 0.000 *** 0.000 *** 0.000 *** 
  
(0.00) 
 
(0.00) 
 
(0.00) 
 Variance intercept 11.836 *** 11.425 *** 11.412 *** 
  
(0.41) 
 
(0.40) 
 
(0.40) 
 Variance residuals 12.046 *** 12.051 *** 12.046 *** 
    (0.25) 
 
(0.25) 
 
(0.25) 
 Individual-year observations  10,582 10,582 10,582 
Individuals 5,684 5,684 5,684 
Deviance 62,049.648 61,929.049 61,922.551 
AIC   62,061.648 61,979.049 61,976.551 
 
Source: HILDA Survey (release 13.0) 2002, 2006, 2010 (unweighted, sample after coarsened 
exact matching). 
Notes: Linear random-effects models with response variable net wealth (IHS transformation); 
additional controls include parent(s) foreign born, father at least 6 months unemployed when 
growing up, occupation of father, occupation of mother, women, immigrated, Indigenous 
origin, period;  
* p<.05, ** p<.01, *** p<.001 (two-tailed tests). 
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Table A.2: Random-effects growth curve models of net wealth including timing of parental 
separation with listwise deletion of missing values 
    Model A.4 Model A.5 
    B (SE) B (SE) 
Timing of parental separation (ref.: Not separated) 
    
 
Separated aged 0-5 -0.612 * -0.995 
 
  
(0.25) 
 
(0.59) 
 
 
Separated aged 6-14 -0.870 *** -1.777 *** 
  
(0.22) 
 
(0.53) 
 
 
Separated aged 15+ -0.302 
 
0.184 
 
  
(0.27) 
 
(0.97) 
 Age (centered at age 20) 0.367 *** 0.356 *** 
  
(0.02) 
 
(0.02) 
 
 
*Separated aged 0-5 
  
0.003 
 
    
(0.07) 
 
 
*Separated aged 6-14 
  
0.074 
 
    
(0.06) 
 
 
*Separated aged 15+ 
  
-0.056 
 
    
(0.09) 
 Age sq. -0.005 *** -0.005 *** 
  
(0.00) 
 
(0.00) 
 
 
*Separated aged 0-5 
  
0.001 
 
    
(0.00) 
 
 
*Separated aged 6-14 
  
-0.001 
 
    
(0.00) 
 
 
*Separated aged 15+ 
  
0.001 
 
    
(0.00) 
 Constant 7.176 *** 7.341 *** 
  
(0.26) 
 
(0.28) 
 Variance age coefficient 0.000 *** 0.000 *** 
  
(0.00) 
 
(0.00) 
 Variance intercept 11.418 *** 11.395 *** 
  
(0.40) 
 
(0.40) 
 Variance residuals 12.051 *** 12.048 *** 
    (0.25) 
 
(0.25) 
 Individual-year observations  10,582 10,582 
Individuals 5,684 5,684 
Deviance 61,927.131 61,918.546 
AIC   61,981.131 61,984.546 
 
Source: HILDA Survey (release 13.0) 2002, 2006, 2010 (unweighted, sample after coarsened 
exact matching). 
Notes: Linear random-effects models with response variable net wealth (IHS transformation); 
additional controls include parent(s) died before age 15, parents never lived together, 
parent(s) absent for other reasons, parents came together again, parent(s) foreign born, father 
at least 6 months unemployed when growing up, occupation of father, occupation of mother, 
women, immigrated, Indigenous origin, period;  
* p<.05, ** p<.01, *** p<.001 (two-tailed tests). 
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Table A.3: Random-effects growth curve models of net wealth including mediating variables with listwise deletion of missing values 
    Model A.2 Model A.6 Model A.7 Model A.8 Model A.9 
    B (SE) B (SE) B (SE) B (SE) B (SE) 
Parental separation before age 15 -0.737 *** -0.477 ** -0.705 *** -0.740 *** -0.476 ** 
  
(0.18) 
 
(0.17) 
 
(0.18) 
 
(0.18) 
 
(0.17) 
 Number of children 
  
-0.254 *** 
    
-0.237 *** 
    
(0.04) 
     
(0.04) 
 First birth before age 20 
  
-0.108 
     
-0.039 
 
    
(0.20) 
     
(0.20) 
 Currently married 
  
2.066 *** 
    
2.026 *** 
    
(0.12) 
     
(0.12) 
 First marriage divorced 
  
-0.522 ** 
    
-0.524 ** 
    
(0.18) 
     
(0.18) 
 University degree 
    
-0.405 *** 
  
-0.527 *** 
      
(0.14) 
   
(0.14) 
 Occupation of respondent (ref.: skilled manual) 
          
 
Not working/not applicable/armed forces 
    
-0.375 
   
-0.369 
 
      
(0.60) 
   
(0.58) 
 
 
Manager/Professional/Technician 
    
0.992 *** 
  
0.848 *** 
      
(0.16) 
   
(0.16) 
 
 
Skilled non-manual 
    
0.153 
   
0.014 
 
      
(0.22) 
   
(0.22) 
 
 
Partly unskilled & unskilled occupations 
    
-1.673 *** 
  
-1.496 *** 
      
(0.32) 
   
(0.31) 
 Inheritance received in previous financial year 
      
0.576 
 
0.540 
 
        
(0.43) 
 
(0.41) 
 Constant 7.165 *** 6.675 *** 6.715 *** 7.160 *** 6.326 *** 
  
(0.26) 
 
(0.25) 
 
(0.27) 
 
(0.26) 
 
(0.27) 
 Variance age coefficient 0.000 *** 0.000 *** 0.000 *** 0.000 *** 0.000 *** 
  
(0.00) 
 
(0.00) 
 
(0.00) 
 
(0.00) 
 
(0.00) 
 Variance intercept 11.425 *** 10.039 *** 11.077 *** 11.416 *** 9.780 *** 
  
(0.40) 
 
(0.38) 
 
(0.40) 
 
(0.40) 
 
(0.38) 
 Variance residuals 12.051 *** 12.165 *** 12.055 *** 12.049 *** 12.153 *** 
    (0.25)   (0.26)   (0.25)   (0.25)   (0.26)   
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Individual-year observations  10,582 10,582 10,582 10,582 10,582 
Individuals 5,684 5,684 5,684 5,684 5,684 
Deviance 61,929.049 61,560.917 61,824.952 61,925.593 61,468.248 
AIC   61,981.049 61,618.917 61,886.952 61,979.593 61,538.248 
 
Source: HILDA Survey (release 13.0) 2002, 2006, 2010 (unweighted, sample after coarsened exact matching). 
Notes: Linear random-effects models with response variable net wealth (IHS transformation); additional controls include age, age sq., parent(s) 
died before age 15, parents never lived together, parent(s) absent for other reasons, parents came together again, parent(s) foreign born, father at 
least 6 months unemployed when growing up, occupation of father, occupation of mother, women, immigrated, Indigenous origin, period;  
* p<.05, ** p<.01, *** p<.001 (two-tailed tests). 
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Table A.4: Random-effects growth curve models of net wealth including partners’ 
characteristics and household level characteristics 
    Model A.10  Model A.11 
    B (SE) B (SE) 
Respondent: Parental separation before age 15 -0.844 *** 
  
  
(0.17) 
   Respondent: Age (centred at age 20) 0.148 *** 
  
  
(0.03) 
   Respondent: Age sq. -0.002 *** 
  
  
(0.00) 
   Respondent: Parent(s) died before age 15 -0.397 
   
  
(0.28) 
   Respondent: Parents never lived together -2.791 *** 
  
  
(0.82) 
   Respondent: Parent(s) absent for other reasons -1.129 * 
  
  
(0.56) 
   Respondent: Parents came together again -0.065 
   
  
(0.38) 
   Partner: Parental separation before age 15 -0.483 ** 
  
  
(0.18) 
   Partner: Age (centred at age 20) 0.142 *** 
  
  
(0.03) 
   Partner: Age sq. -0.002 *** 
  
  
(0.00) 
   Partner: Parent(s) died before age 15 -0.149 
   
  
(0.25) 
   Partner: Parents never lived together -0.225 
   
  
(0.74) 
   Partner: Parent(s) absent for other reasons -0.471 
   
  
(0.51) 
   Partner: Parents came together again 0.061 
   
  
(0.38) 
   Household: Parental separation before age 15 
  
-0.393 ** 
    
(0.14) 
 Household: Age (centred at age 20) 
  
0.362 *** 
    
(0.01) 
 Household: Age sq. 
  
-0.005 *** 
    
(0.00) 
 Household: Parent(s) died before age 15 
  
0.045 
 
    
(0.20) 
 Household: Parents never lived together 
  
-1.463 * 
    
(0.58) 
 Household: Parent(s) absent for other reasons 
  
-0.903 * 
    
(0.36) 
 Household: Parents came together again 
  
0.068 
 
    
(0.30) 
 Constant 9.039 *** 6.117 *** 
  
(0.27) 
 
(0.24) 
 Variance age coefficient 0.000 *** 0.000 *** 
  
(0.00) 
 
(0.00) 
 Variance intercept 5.938 *** 11.415 *** 
  
(0.30) 
 
(0.35) 
 Variance residuals 8.329 *** 12.622 *** 
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(0.20) 
 
(0.21) 
 Individual-year observations  8,187 14,450 
Individuals 3,978 6,643 
Deviance 44,046.322 84,608.644 
AIC   44,134.322 84,656.644 
 
Source: HILDA Survey (release 13.0) 2002, 2006, 2010 (unweighted, includes imputed data, 
sample after coarsened exact matching). 
Notes: Linear random-effects models with response variable net wealth (IHS transformation); 
Model A.10 only includes couples; variables in Model A.11 are constructed using the highest 
value in household; additional controls include parent(s) foreign born, father at least 6 months 
unemployed when growing up, occupation of father, occupation of mother, women, 
immigrated, Indigenous origin, period;  
* p<.05, ** p<.01, *** p<.001 (two-tailed tests).
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Table A.5: OLS growth curve model without random effects and random-effects growth 
curve models without matching of net wealth  
    
Model A.12  
(OLS) 
Model A.13 
 (No matching) 
    B (SE) B (SE) 
Parental separation before age 15 -0.799 *** -0.947 *** 
  
(0.20) 
 
(0.16) 
 Age (centered at age 20) 0.330 *** 0.350 *** 
  
(0.03) 
 
(0.01) 
 Age sq. -0.004 *** -0.005 *** 
  
(0.00) 
 
(0.00) 
 Parent(s) died before age 15 -0.618 
 
-0.480 
 
  
(0.48) 
 
(0.26) 
 Parents never lived together -4.151 ** -2.170 ** 
  
(1.46) 
 
(0.66) 
 Parent(s) absent for other reasons -2.561 * -1.760 *** 
  
(1.14) 
 
(0.44) 
 Parents came together again -0.064 
 
-0.040 
 
  
(0.37) 
 
(0.35) 
 Constant 7.959 *** 7.436 *** 
  
(0.36) 
 
(0.23) 
 Variance age coefficient     0.000 *** 
    
(0.00) 
 Variance intercept 
  
11.319 *** 
    
(0.34) 
 Variance residuals 
  
12.859 *** 
        (0.21) 
 Individual-year observations  14,450 15,359 
Individuals 6,643 7,066 
Deviance 86,936.069 90,098.944 
AIC   86,984.069 90,148.944 
 
Source: HILDA Survey (release 13.0) 2002, 2006, 2010 (unweighted, includes imputed data, 
sample after coarsened exact matching in Model A.12, unmatched sample in Model A.13). 
Notes: Model A.12 is a pooled OLS model, Model A.13 is a linear random-effects models; 
both models with response variable net wealth (IHS transformation); additional controls 
include parent(s) foreign born, father at least 6 months unemployed when growing up, 
occupation of father, occupation of mother, women, immigrated, Indigenous origin, period;  
* p<.05, ** p<.01, *** p<.001 (two-tailed tests). 
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Appendix B: Description of random-effects growth curve model after 
coarsened exact matching 
For our main multivariate analyses, we pre-process the data using coarsened exact 
matching. Coarsened exact matching prunes observations without suitable comparisons from 
the sample and re-weights observations to achieve a better balance between two (or more) 
comparison groups in the data. In our case, these comparison groups are respondents who 
have experienced a parental separation before age 15 (“treated” group) and respondents who 
have not experienced a parental separation (“control” group). We match respondents rather 
than individual-year observations. Let Xi=(Xi1, . . ., Xik) be a vector of variables for 
respondent i. For continuous variables, these variables would be temporarily coarsened into 
meaningful categories. Because our time-invariant control variables (parent[s] foreign born, 
father at least 6 months unemployed when growing up, occupation of father, occupation of 
mother, women, immigrated, Indigenous origin) that enter Xi are all dummy-coded, we do 
not coarsen any variables. Then, we group all respondents with the same values in Xi into 
unique strata. We conduct exact matching on these strata and prune all observations from 
strata in which only one of the two comparison groups is observed (423 respondents with 909 
observations are pruned from the sample). Because strata may be differently populated, 
additional weights wi based on stratum size are computed for each matched respondent. 
These weights are 0 for pruned observations and 1 for matched, “treated” respondent. 
Applying the weights makes the distributions of observed characteristics similar across both 
comparison groups. The preprocessed data is then used in regression analysis. Because 
unmatched respondents are pruned from the data, we can only estimate the local sample 
average treatment effect on the treated. While we lose some generalizability of our results as 
a consequence, we gain results which are less model dependent and less statistically biased 
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compared to estimation based on samples without matching. We conduct coarsened exact 
matching using the cem routine in Stata 13.1 (Blackwell et al. 2009). 
We then estimate random-effects growth curve models (Raudenbush and Bryk 2002: 
160ff) of the following form (omitting error terms from the presentation): 
 
𝐼𝐻𝑆(𝑊𝑖𝑡) = 𝛼𝑖 + 𝛽𝑖 ∗ 𝐴𝐺𝐸𝑖𝑡 + 𝛾 ∗ 𝐴𝐺𝐸𝑖𝑡
2 + 𝛿 ∗ 𝑃𝐴𝑅𝐸𝑁𝑇_𝑆𝐸𝑃𝑖𝑡 + ∑ 𝜔𝑚 𝐶𝑂𝑁𝑇𝑅𝑂𝐿𝑚𝑖  
+ 𝜏2006 + 𝜏2010  
 
where Wit
 
is the net wealth of respondent i (representing level 2 in the data) at time t (level 1) 
which is transformed using the inverse hyperbolic sine transformation. αi is the intercept 
which we allow to randomly vary across respondents. βi is the net wealth growth rate at age 
20 (our age variable is centered at age 20). This slope coefficient may also vary between 
respondents allowing for between-respondent heterogeneity in the net wealth growth 
trajectories. The random intercepts and slope coefficients are restricted to be independent 
from each other due to data limitations. γ indicates how the average wealth growth rate for 
respondents changes as they age. In accordance with previous literature using growth curves 
in the analysis of inequalities, this coefficient is fixed to be equal across respondents for the 
sake of parsimony (Cheng 2014). δ indicates how the growth rate is shifted for those who 
experienced parental separation during childhood. ωm indicates the coefficients for a set of m 
time-invariant (level 2) control variables, which have also been used in the coarsened exact 
matching. Finally, τ2006 and τ2010 are period dummy variables that capture average wealth 
trends over calendar time. We perform a weighted (with the weights from the coarsened exact 
matching at level 2) full maximum likelihood estimation using the cmp routine in Stata 
(Roodman 2011) to fit the model with 20 integration points. Further increasing the number of 
integration points to 25 does not affect estimation results. 
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Appendix C: Results from a sibling fixed-effects model 
We run supplementary analyses with sibling fixed-effects models. In sibling fixed-
effects models, only within-family variation in explanatory variables is used to predict 
within-family variation in outcome variables. In our study, the sibling fixed-effects models 
allows us to test whether siblings coming from the same family, and, therefore, sharing 
family-specific background characteristics, but have been differently exposed to parental 
separation differ in their average net wealth. Concretely, we compare average net wealth of 
siblings who have experience a parental separation before age 15 to siblings from the same 
family who have not experience a separation before age 15. Sibling fixed-effects models are 
limited in important ways, e.g. due to their limited external validity, but are presented here to 
provide some indication of how selection may affect our results. 
For the sibling fixed-effects model, we include all respondents aged 20 to 69 
(maximum observed aged is 65) not living with their parents for which we observe at least 
one other biological sibling in the data not living with their parents. Due to these restrictive 
sample rules, only 2,381 respondents from 1,068 families are included in the sibling fixed-
effects model. We observe variation in exposure to parental separation in only 26 families.  
Table C.1 presents the results from the sibling fixed-effects model. In Model C.1, we 
only include the variable measuring parental separation before age 15. Despite the very small 
number of families with variation in this variable, we find a negative coefficient which is 
statistically significant at the 95% confidence level. In Model C.2, basic control variables are 
included that vary within the family. The coefficient for parental separation before age 15 is 
reduced in size and only marginally significant at the 90% confidence level. We interpret 
these results as being suggestive of a negative association between parental separation and 
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adult children’s wealth net of family-specific characteristics affecting siblings equally. 
Clearly, replications with larger samples need to be undertaken to support this conclusion. 
 
Table C.1: Sibling fixed-effects models of net wealth 
    Model C.1  Model C.2  
    B (SE)  B (SE)  
Parental separation before age 15 -4.438 * -3.552 + 
  
(1.87) 
 
(1.86) 
 Age (centered at age 20) 
  
0.417 *** 
    
(0.09) 
 Age sq. 
  
-0.009 *** 
    
(0.00) 
 Women 
  
-0.341 
 
    
(0.50) 
 Immigrated 
  
5.213 * 
    
(2.14) 
 Period (ref.: 2002) 
    
 
2006 
  
1.829 *** 
    
(0.54) 
 
 
2010 
  
2.461 *** 
    
(0.66) 
 Constant 10.017 *** 5.128 *** 
  
(0.38) 
 
(0.78) 
 Individual-year observations  2,412 
 
2,412   
Families 1,082 
 
1,082 
 Families with variation 26 
 
26 
 Deviance 14,122.894 
 
13,944.044 
 AIC   14,124.894 
 
13,958.044   
 
Source: HILDA Survey (release 13.0) 2002, 2006, 2010 (unweighted, includes imputed data). 
Notes: Linear sibling fixed-effects models with response variable net wealth (IHS 
transformation); cluster-robust standard errors; + p<.10, * p<.05, ** p<.01, *** p<.001 (two-
tailed tests) 
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Appendix D: Full estimation results 
Table D.1: Random-effects growth curve models of net wealth (full estimation results) 
    Model D.1  Model D.2 Model D.3  
    B (SE) B (SE) B (SE) 
Parental separation before age 15 -0.961 *** -0.864 *** -1.838 *** 
  
(0.15) 
 
(0.16) 
 
(0.38) 
 Age (centred at age 20) 0.354 *** 0.350 *** 0.330 *** 
  
(0.02) 
 
(0.02) 
 
(0.02) 
 Age sq. -0.005 *** -0.005 *** -0.005 *** 
  
(0.00) 
 
(0.00) 
 
(0.00) 
 
 
Age*Parental separation before age 15 
    
0.084 * 
      
(0.04) 
 
 
Age sq.*Parental separation before age 15 
    
-0.001 
 
      
(0.00) 
 Parent(s) died before age 15 
  
-0.602 * -0.588 * 
    
(0.27) 
 
(0.27) 
 Parents never lived together 
  
-3.173 *** -3.233 *** 
    
(0.73) 
 
(0.73) 
 Parent(s) absent for other reasons 
  
-1.568 *** -1.626 *** 
    
(0.47) 
 
(0.47) 
 Parents came together again 
  
-0.060 
 
-0.080 
 
    
(0.36) 
 
(0.36) 
 Parent(s) foreign born 
  
0.056 
 
0.059 
 
    
(0.14) 
 
(0.14) 
 Father at least 6 months unemployed when growing up 
  
-0.503 ** -0.489 ** 
    
(0.18) 
 
(0.18) 
 Occupation of father (ref.: skilled manual) 
      
 
Not working 
  
-0.720 * -0.772 * 
    
(0.32) 
 
(0.32) 
 
 
Manager/Professional/Technician 
  
0.263 * 0.263 * 
    
(0.12) 
 
(0.12) 
 
 
Skilled non-manual 
  
-0.178 
 
-0.188 
 
    
(0.29) 
 
(0.29) 
 
 
Partly unskilled & unskilled occupations 
  
-0.116 
 
-0.120 
 
    
(0.21) 
 
(0.21) 
 Occupation of mother (ref.: skilled manual) 
      
 
Not working 
  
-0.419 ** -0.407 ** 
    
(0.16) 
 
(0.16) 
 
 
Manager/Professional/Technician 
  
-0.205 
 
-0.214 
 
    
(0.15) 
 
(0.15) 
 
 
Skilled non-manual 
  
0.183 
 
0.172 
 
    
(0.17) 
 
(0.17) 
 
 
Partly & unskilled occupations 
  
-0.220 
 
-0.219 
 
    
(0.18) 
 
(0.18) 
 Women 
  
-0.064 
 
-0.064 
 
    
(0.11) 
 
(0.11) 
 Immigrated 
  
-0.354 * -0.361 * 
    
(0.17) 
 
(0.17) 
 Indigenous origin 
  
-3.553 *** -3.547 *** 
    
(0.50) 
 
(0.49) 
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Period (ref.: 2002) 
      
 
2006 
  
0.259 * 0.259 * 
    
(0.13) 
 
(0.13) 
 
 
2010 
  
0.183 
 
0.180 
 
    
(0.13) 
 
(0.13) 
 Constant 7.219 *** 7.431 *** 7.691 *** 
  
(0.17)   (0.23)   (0.25)   
Variance age coefficient 0.000 *** 0.000 *** 0.000 *** 
  
(0.00) 
 
(0.00) 
 
(0.00) 
 Variance intercept 11.903 *** 11.440 *** 11.420 *** 
  
(0.36) 
 
(0.36) 
 
(0.36) 
 Variance residuals 12.741 *** 12.752 *** 12.747 *** 
    (0.21) 
 
(0.21) 
 
(0.21) 
 Individual-year observations  14,450 14,450 14,450 
Individuals 6,643 6,643 6,643 
Deviance 84,882.054  84,722.759  84,711.337  
AIC   84,896.054  84,772.759  84,765.337  
 
Source: HILDA Survey (release 13.0) 2002, 2006, 2010 (unweighted, includes imputed data, 
sample after coarsened exact matching). 
Notes: Linear random-effects models with response variable net wealth (IHS transformation); 
* p<.05, ** p<.01, *** p<.001 (two-tailed tests). 
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Table D.2: Random-effects growth curve models of net wealth including timing of parental 
separation (full estimation results) 
    Model D.4 Model D.5 
    B (SE) B (SE) 
Timing of parental separation (ref.: Not separated) 
    
 
Separated aged 0-5 -0.768 ** -1.649 ** 
  
(0.23) 
 
(0.53) 
 
 
Separated aged 6-14 -0.963 *** -1.884 *** 
  
(0.20) 
 
(0.48) 
 
 
Separated aged 15+ -0.249 
 
1.193 
 
  
(0.26) 
 
(0.96) 
 Age (centred at age 20) 0.350 *** 0.336 *** 
  
(0.02) 
 
(0.02) 
 
 
*Separated aged 0-5 
  
0.064 
 
    
(0.06) 
 
 
*Separated aged 6-14 
  
0.084 
 
    
(0.05) 
 
 
*Separated aged 15+ 
  
-0.126 
 
    
(0.08) 
 Age sq. -0.005 *** -0.005 *** 
  
(0.00) 
 
(0.00) 
 
 
*Separated aged 0-5 
  
-0.000 
 
    
(0.00) 
 
 
*Separated aged 6-14 
  
-0.001 
 
    
(0.00) 
 
 
*Separated aged 15+ 
  
0.002 
 
    
(0.00) 
 Parent(s) died before age 15 -0.615 * -0.602 * 
  
(0.27) 
 
(0.27) 
 Parents never lived together -3.183 *** -3.225 *** 
  
(0.73) 
 
(0.73) 
 Parent(s) absent for other reasons -1.571 *** -1.626 *** 
  
(0.47) 
 
(0.47) 
 Parents came together again 0.022 
 
0.012 
 
  
(0.37) 
 
(0.37) 
 Parent(s) foreign born 0.055 
 
0.057 
 
  
(0.14) 
 
(0.14) 
 Father at least 6 months unemployed when growing up -0.499 ** -0.480 ** 
  
(0.18) 
 
(0.18) 
 Occupation of father (ref.: skilled manual) 
    
 
Not working -0.725 * -0.776 * 
  
(0.32) 
 
(0.32) 
 
 
Manager/Professional/Technician 0.264 * 0.265 * 
  
(0.12) 
 
(0.12) 
 
 
Skilled non-manual -0.179 
 
-0.190 
 
  
(0.29) 
 
(0.29) 
 
 
Partly unskilled & unskilled occupations -0.118 
 
-0.121 
 
  
(0.21) 
 
(0.21) 
 Occupation of mother (ref.: skilled manual) 
    
 
Not working -0.423 ** -0.406 ** 
  
(0.16) 
 
(0.16) 
 
 
Manager/Professional/Technician -0.203 
 
-0.204 
 
  
(0.15) 
 
(0.15) 
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Skilled non-manual 0.182 
 
0.175 
 
  
(0.17) 
 
(0.17) 
 
 
Partly unskilled & unskilled occupations -0.218 
 
-0.214 
 
  
(0.18) 
 
(0.18) 
 Women -0.064 
 
-0.061 
 
  
(0.11) 
 
(0.11) 
 Immigrated -0.353 * -0.357 * 
  
(0.17) 
 
(0.17) 
 Indigenous origin -3.547 *** -3.540 *** 
  
(0.50) 
 
(0.49) 
 Period (ref.: 2002) 
    
 
2006 0.260 * 0.263 * 
  
(0.13) 
 
(0.13) 
 
 
2010 0.184 
 
0.186 
 
  
(0.13) 
 
(0.13) 
 Constant 7.437 *** 7.622 *** 
  
(0.23) 
 
(0.25) 
 Variance age coefficient 0.000 *** 0.000 *** 
  
(0.00) 
 
(0.00) 
 Variance intercept 11.434 *** 11.399 *** 
  
(0.36) 
 
(0.35) 
 Variance residuals 12.752 *** 12.748 *** 
    (0.21) 
 
(0.21) 
 Individual-year observations  14,450 14,450 
Individuals 6,643 6,643 
Deviance 84,721.359 84,705.209 
AIC   84,775.359 84,771.209 
 
Source: HILDA Survey (release 13.0) 2002, 2006, 2010 (unweighted, includes imputed data, 
sample after coarsened exact matching). 
Notes: Linear random-effects models with response variable net wealth (IHS transformation); 
* p<.05, ** p<.01, *** p<.001 (two-tailed tests). 
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Table D.3: Random-effects growth curve models of net wealth including intervening variables (full estimation results) 
    Model 2 Model 6 Model 7 Model 8 Model 9 
    B (SE) B (SE) B (SE) B (SE) B (SE) 
Parental separation before age 15 -0.864 *** -0.595 *** -0.815 *** -0.866 *** -0.578 *** 
  
(0.16) 
 
(0.16) 
 
(0.16) 
 
(0.16) 
 
(0.16) 
 Age (centred at age 20) 0.350 *** 0.326 *** 0.341 *** 0.349 *** 0.318 *** 
  
(0.02) 
 
(0.02) 
 
(0.02) 
 
(0.02) 
 
(0.02) 
 Age sq. -0.005 *** -0.004 *** -0.005 *** -0.005 *** -0.004 *** 
  
(0.00) 
 
(0.00) 
 
(0.00) 
 
(0.00) 
 
(0.00) 
 Parent(s) died before age 15 -0.602 * -0.422 
 
-0.628 * -0.595 * -0.448 
 
  
(0.27) 
 
(0.26) 
 
(0.27) 
 
(0.27) 
 
(0.26) 
 Parents never lived together -3.173 *** -2.752 *** -3.112 *** -3.175 *** -2.720 *** 
  
(0.73) 
 
(0.71) 
 
(0.73) 
 
(0.73) 
 
(0.70) 
 Parent(s) absent for other reasons -1.568 *** -1.012 * -1.469 ** -1.570 *** -0.948 * 
  
(0.47) 
 
(0.45) 
 
(0.46) 
 
(0.47) 
 
(0.45) 
 Parents came together again -0.060 
 
0.028 
 
-0.043 
 
-0.056 
 
0.041 
 
  
(0.36) 
 
(0.35) 
 
(0.36) 
 
(0.36) 
 
(0.35) 
 Parent(s) foreign born 0.056 
 
0.028 
 
0.022 
 
0.059 
 
0.006 
 
  
(0.14) 
 
(0.14) 
 
(0.14) 
 
(0.14) 
 
(0.13) 
 Father at least 6 months unemployed when growing up -0.503 ** -0.492 ** -0.478 ** -0.499 ** -0.470 ** 
  
(0.18) 
 
(0.18) 
 
(0.18) 
 
(0.18) 
 
(0.17) 
 Occupation of father (ref.: skilled manual) 
          
 
Not working -0.720 * -0.589 
 
-0.716 * -0.717 * -0.580 
 
  
(0.32) 
 
(0.31) 
 
(0.32) 
 
(0.32) 
 
(0.31) 
 
 
Manager/Professional/Technician 0.263 * 0.233 * 0.159 
 
0.260 * 0.174 
 
  
(0.12) 
 
(0.11) 
 
(0.12) 
 
(0.12) 
 
(0.12) 
 
 
Skilled non-manual -0.178 
 
-0.202 
 
-0.275 
 
-0.182 
 
-0.274 
 
  
(0.29) 
 
(0.28) 
 
(0.28) 
 
(0.29) 
 
(0.27) 
 
 
Partly unskilled & unskilled occupations -0.116 
 
-0.069 
 
-0.005 
 
-0.118 
 
0.019 
 
  
(0.21) 
 
(0.20) 
 
(0.20) 
 
(0.21) 
 
(0.20) 
 Occupation of mother (ref.: skilled manual) 
          
 
Not working -0.419 ** -0.397 ** -0.323 * -0.418 ** -0.325 * 
  
(0.16) 
 
(0.15) 
 
(0.16) 
 
(0.16) 
 
(0.15) 
 
 
Manager/Professional/Technician -0.205 
 
-0.174 
 
-0.240 
 
-0.206 
 
-0.190 
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(0.15) 
 
(0.15) 
 
(0.15) 
 
(0.15) 
 
(0.15) 
 
 
Skilled non-manual 0.183 
 
0.234 
 
0.123 
 
0.183 
 
0.196 
 
  
(0.17) 
 
(0.17) 
 
(0.17) 
 
(0.17) 
 
(0.17) 
 
 
Partly unskilled & unskilled occupations -0.220 
 
-0.129 
 
-0.144 
 
-0.220 
 
-0.076 
 
  
(0.18) 
 
(0.18) 
 
(0.18) 
 
(0.18) 
 
(0.18) 
 Women -0.064 
 
0.032 
 
-0.083 
 
-0.067 
 
0.019 
 
  
(0.11) 
 
(0.10) 
 
(0.11) 
 
(0.11) 
 
(0.10) 
 Immigrated -0.354 * -0.425 ** -0.278 
 
-0.352 * -0.348 * 
  
(0.17) 
 
(0.16) 
 
(0.17) 
 
(0.17) 
 
(0.16) 
 Indigenous origin -3.553 *** -3.007 *** -3.351 *** -3.546 *** -2.863 *** 
  
(0.50) 
 
(0.48) 
 
(0.49) 
 
(0.49) 
 
(0.48) 
 Period (ref.: 2002) 
          
 
2006 0.259 * 0.289 * 0.222 
 
0.259 * 0.259 * 
  
(0.13) 
 
(0.12) 
 
(0.13) 
 
(0.13) 
 
(0.12) 
 
 
2010 0.183 
 
0.206 
 
0.123 
 
0.181 
 
0.157 
 
  
(0.13) 
 
(0.12) 
 
(0.13) 
 
(0.13) 
 
(0.12) 
 Number of children 
  
-0.241 *** 
    
-0.222 *** 
    
(0.04) 
     
(0.04) 
 First birth before age 20 
  
-0.092 
     
-0.012 
 
    
(0.18) 
     
(0.18) 
 Currently married 
  
2.082 *** 
    
2.045 *** 
    
(0.11) 
     
(0.11) 
 First marriage divorced 
  
-0.480 ** 
    
-0.471 ** 
    
(0.16) 
     
(0.16) 
 University degree 
    
-0.257 
   
-0.373 ** 
      
(0.13) 
   
(0.13) 
 Occupation of respondent (ref.: skilled manual) 
          
 
Not working 
    
-0.531 
   
-0.537 
 
      
(0.56) 
   
(0.54) 
 
 
Manager/Professional/Technician 
    
0.908 *** 
  
0.774 *** 
      
(0.14) 
   
(0.14) 
 
 
Skilled non-manual 
    
0.116 
   
-0.019 
 
      
(0.20) 
   
(0.20) 
 
 
Partly unskilled & unskilled occupations 
    
-1.461 *** 
  
-1.302 *** 
      
(0.28) 
   
(0.27) 
 
 65 
 
Inheritance received in previous financial year 
      
0.589 
 
0.583 
 
        
(0.40) 
 
(0.38) 
 Constant 7.431 *** 6.953 *** 7.020 *** 7.429 *** 6.636 *** 
  
(0.23) 
 
(0.23) 
 
(0.25) 
 
(0.23) 
 
(0.24) 
 Variance age coefficient 0.000 *** 0.000 *** 0.000 *** 0.000 *** 0.000 *** 
  
(0.00) 
 
(0.00) 
 
(0.00) 
 
(0.00) 
 
(0.00) 
 Variance intercept 11.440 *** 10.029 *** 11.107 *** 11.431 *** 9.784 *** 
  
(0.36) 
 
(0.33) 
 
(0.35) 
 
(0.36) 
 
(0.33) 
 Variance residuals 12.752 *** 12.840 *** 12.772 *** 12.750 *** 12.845 *** 
    (0.21)   (0.21)   (0.21)   (0.21)   (0.22)   
Individual-year observations  14,450 14,450 14,450 14,450 14,450 
Individuals 6,643 6,643 6,643 6,643 6,643 
Deviance 84,722.759 84,255.058 84,615.728 84,718.006 84,160.328 
AIC   84,772.759 84,313.058 84,675.728 84,770.006 84,230.328 
 
Source: HILDA Survey (release 13.0) 2002, 2006, 2010 (unweighted, includes imputed data, sample after coarsened exact matching). 
Notes: Linear random-effects models with response variable net wealth (IHS transformation);  
* p<.05, ** p<.01, *** p<.001 (two-tailed tests). 
 
